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Abstract
Background: Thyroid-associated ophthalmopathy (TAO) is a common and organ-specific autoimmune disease. Early
diagnosis and novel treatments are essential to improve the prognosis of TAO patients. Therefore, the current work
was performed to identify the key genes and pathways for the biological and clinical implications of TAO through
comprehensive bioinformatics analysis and a series of clinical validations.
Methods: GSE105149 and GSE185952 were obtained from the Gene Expression Omnibus (GEO) database for
analysis. The data were normalized to identify the common differentially expressed genes (DEGs) between the two
datasets, and the Gene Ontology (GO) and Kyoto Encyclopedia of Genes and Genomes (KEGG) enrichment analyses
were conducted to assess key pathways in TAO. Protein–protein interaction (PPI) networks and hub genes among
the common DEGs were identified. Furthermore, we collected the general information and blood samples from 50
TAO patients and 20 healthy controls (HCs), and the expression levels of the proteins encoded by hub genes in serum
were detected by enzyme-linked immunosorbent assay (ELISA). Then we further assessed the relationship between
the ELISA data and the TAO development.
Results: Several common pathways, including neuroactive ligand-receptor interaction, the IL-17 signaling pathway, and the TNF signaling pathway, were identified in both datasets. In parallel, 52 common DEGs were identified.
The KEGG analysis showed that these common DEGs are mainly enriched in long-term depression, the VEGF signaling pathway, the IL-17 signaling pathway, the TNF signaling pathway, and cytokine-cytokine receptor interactions.
The key hub genes PRKCG, OSM, DPP4, LRRTM1, CXCL6, and CSF3R were screened out through the PPI network.
As confirmation, the ELISA results indicated that protein expression levels of PRKCG, OSM, CSF3R, and DPP4 were
significantly upregulated in TAO patients compared with HCs. In addition, PRKCG and DPP4 were verified to show
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value in diagnosing TAO, and CSF3R was found to be a valuable diagnostic marker in distinguishing active TAO
from inactive TAO.
Conclusions: Inflammation- and neuromodulation-related pathways might be closely associated with TAO. Based
on the clinical verification, OSM, CSF3R, CXCL6, DPP4, and PRKCG may serve as inflammation- or neuromodulationrelated biomarkers for TAO, providing novel insights for the diagnosis and treatment of TAO.
Keywords: Thyroid-associated ophthalmopathy, Bioinformatics analysis, Hub gene, Biomarker, Inflammation,
Neuromodulation

Introduction
Thyroid-associated ophthalmopathy (TAO) is an organspecific autoimmune disease of the orbit that results
in eyelid contracture, exophthalmos, diplopia, corneal
ulcerations, and even loss of vision due to optic nerve
compression [1]. Previous studies have shown that TAO
leads to a significant deterioration in the quality of life
[2] and even precipitates the emergence of psychosocial
disorders such as depression and anxiety [3, 4]. As the
first-line treatment, intravenous glucocorticoids represent the positive therapy for moderate-to-severe and
active TAO; however, a completely satisfactory response
is rare [5]. In addition, if vision deteriorates progressively,
orbital decompression should be performed immediately [6]. However, for individuals who do not respond to
orbital decompression, treatment options are very limited. Therefore, early diagnosis and effective therapeutic
strategies are essential to improve the prognosis of TAO
patients.
With the rapid development of high-throughput
sequencing technology and the popularization of public databases, multiple gene expression profiling studies
using bioinformatics analysis have been performed to
identify new diagnostic or therapeutic biomarkers for
different diseases, such as cancers and metabolic diseases and cardiovascular diseases [7–9]. Bioinformatics
technology in particular has become an indispensable
aspect of identifying key genes and pathways in and
exploring the pathogenesis of certain diseases, including TAO. Recently, a few microarray gene profile studies on TAO have been performed. For example, Zhao
et al. showed based on gene expression profiling that
some genes related to cell cycle, proteasome encoding,
and pathways of ribosomes, as well as retinol metabolism, might play a pivotal role in the development of
TAO [10]. Through microarray analysis, Chen et al.
indicated that the leptin receptor is a key gene positively related to cell adhesion process in TAO immunopathogenesis [11]. Another group addressed the
molecular mechanisms of lacrimal gland enlargement
in TAO patients and screened some key genes associated with endoplasmic reticulum protein processing
of the lacrimal gland through mining the microarray

datasets, such as HSP90AA1, HSP90B1, DNAJC10,
HSPA5, and CANX [12]. In addition, a study using
bioinformatics combined with proteomic and miRNA
analysis found some meaningful circulating biomarkers that predict TAO disease status, including zonulin, alpha-2 macroglobulin, beta-2 glycoprotein 1,
and fibronectin [13]. All these findings have revealed
biomarkers that may be useful to explore the molecular mechanism of TAO. Nevertheless, there are some
limitations among these studies, such as examination
of a single tissue, lack of independent verification, and
incomplete mechanisms of TAO pathogenesis.
In this study, we profiled key genes and potential
molecular pathways in different lesion tissues of TAO by
bioinformatics analysis using two datasets. To strengthen
the accuracy of our results, we collected serum samples
from 50 TAO patients and 20 healthy individuals for clinical and molecular biology validation. The novel genes
and pathways obtained provide new insight into the
underlying mechanisms and reveal a new strategy for the
diagnosis and treatment of TAO.

Materials and methods
Microarray data

The Gene Expression Omnibus (GEO) database covers the gene expression and corresponding clinical data
submitted by research institutions from around the
world. Two gene expression profiles (GSE105149 and
GSE185952) were downloaded from the GEO database (http://www.ncbi.nlm.nih.gov/geo), containing
23520 and 36146 genes, respectively. The GSE105149
dataset contains gene expression levels of 11 lacrimal
gland biopsy/surgical waste tissue samples from TAO
patients (n = 4) and healthy individuals (n = 7) based on
the GPL570 (Affymetrix Human Genome U133 Plus 2.0
Array) platform. The GSE185952 dataset includes data
on orbital adipose/connective tissue samples from TAO
patients who underwent orbital decompression (n = 3),
with control tissue obtained from the healthy people
after plastic surgery (n = 3), using the GPL30862 (Agilent-086360 Shbio Human (4*180 K) array) platform. The
probes were transformed into the corresponding gene
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symbol according to the annotation information for the
platform.
Identification of differentially expressed genes

Differentially expressed genes (DEGs) between the two
datasets TAO and control samples were screened using
the limma (linear models for microarray data) package
of R software (version 4.1.0, AT&T Bell Laboratories,
USA) [14]. For a gene symbol corresponding to multiple probe IDs, the mean expression value was selected
as the expression level of the gene. The data were standardized and filtered to select significant DEGs. A P value
was less than 0.05 (P < 0.05) and an absolute value of log
fold change (FC) greater than 0.58 (|log2FC|> 0.58) were
considered to indicate differential expression. Next, the
up-regulated and down-regulated DEGs in the two datasets were imported into Venny 2.1.0 (https://bioinfogp.
cnb.csic.es/tools/venny/), and the intersection of the upregulated and down-regulated DEGs in the two datasets
was taken.
Pathway enrichment analysis of differentially expressed
genes

Gene Ontology (GO) biological process terms [15] and
Kyoto Encyclopedia of Genes and Genomes (KEGG)
pathway enrichment analyses [16] were performed for
the DEGs by using the Database for Annotation, Visualization, and Integration Discovery (DAVID, https://david.
ncifcrf.gov/) [17] and OmicShare [18] (https://www.
omicshare.com/tools) online tools to gain insight into the
biological meaning of the common DEGs. GO analysis
consists of biological process (BP), cellular component
(CC), and molecular function (MF) categories. A value of
P < 0.05 was considered statistically significant.
Construction of a protein–protein interaction network
and hub gene identification

A PPI network of DEGs was established using Search
Tool for the Retrieval of Interacting Genes (STRING,
http://www.string-db.org/) [19] and visualized by
Cytoscape software (version 3.9.0). The cytoHubba plugin [20] algorithms maximum neighborhood component
(MNC), maximal clique centrality (MCC), and degree
values were used to further screen hub genes from the
PPI network.
Clinical sample collection

Fifty patients diagnosed with TAO based on the Bartley criteria [21] between December 2019 and December 2021 at the First Affiliated Hospital of Nanjing
Medical University were included in this study. Patients
were excluded if they had other autoimmune inflammatory disorders, had been treated with steroids or
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immunosuppressants, or had undergone radiotherapy,
surgical decompression, or thyroidectomy. Patients with
a clinical activity score greater than or equal to 3 were
defined as active TAO [22]. The patients’ medical history
and laboratory parameters were collected. The control
group consisted of twenty healthy volunteers matched
for age and sex with the study group, with no history of
thyroid disease, autoimmune disorders, orbital diseases,
or immunosuppressive therapy. Two milliliters of cubital venous blood were drawn in the morning when the
subjects were fasting. After centrifugation (3000 rpm for
7 min), the serum was stored at -80 ℃. The study protocol was approved by the Ethics Committee of the First
Affiliated Hospital of Nanjing Medical University, and all
participants signed an informed consent form.
Enzyme‑linked Immunosorbent Assay (ELISA)

ELISA is a commonly used biochemistry assay, first
presented by Peter Perlmann and Eva Engvall in 1971
[23]. A solid-phase type of enzyme immunoassay (EIA)
is used to detect the presence of a ligand (commonly a
protein) in a liquid sample. Its principle of action is using
antigen–antibody interactions against the protein to be
measured. Expression levels of Protein Kinase C Gamma
(PRKCG), Oncostatin M (OSM), Dipeptidyl Peptidase
4 (DPP4), C-X-C Motif Chemokine Ligand 6 (CXCL6),
and Colony Stimulating Factor 3 Receptor (CSF3R) in
serum were analyzed with ELISA kits (Human PRKCG/
Protein kinase C gamma type ELISA Kit, E8823 h, EIAab,
China; Human OSM/Oncostatin M ELISA Kit, EK0478,
BOSTER, China; Human CD26/DPP4 ELISA Kit,
EK0696 BOSTER, China; Human CXCL6/C-X-C motif
chemokine 6 ELISA Kit, E1570 h, EIAab, China; Human
CSF3R/G-CSF R ELISA Kit, EK0766, BOSTER, China).
First, all serum samples were diluted and incubated in
microplates. Then the samples were incubated with
biotin-labelled antibody after washing three times and
subsequently incubated with avidin-labelled horseradish
peroxidase and finally with substrate solution. Absorbance values at 450 nm for all samples were assessed using
a microplate reader (DENLEY DRAGON Wellscan MK
3, Thermo, Finland). Finally, concentrations of PRKCG,
OSM, DPP4, CXCL6, and CSF3R were calculated based
on the standard curves of each ELISA plate.
Statistical analysis

The SPSS software (version 23.0; IBM) and R software
were used for statistical analyses. Numerical data are
expressed as means ± standard deviation. Differences
in quantitative data between the two groups were compared using nonparametric tests or t-tests based on the
data distribution characteristics. Categorical variables
were compared using the chi-square test. Spearman’s
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rank correlation coefficient was used to evaluate the correlation between expression protein expression level and
clinical characteristics. Multivariate logistic regression
analysis was performed to explore independent associated factors of TAO. The diagnostic value of hub gene
expression levels in TAO was determined by receiver
operating characteristic (ROC) curve analysis and area
under the curve (AUC) calculation. P values < 0.05 were
considered statistically significant.

Results
Identification of DEGs

The overall design of the study is shown in Fig. 1. After
checking and screening genes without matched gene
symbols, 554 genes were up-regulated and 498 genes
were down-regulated in the GSE105149 dataset. We
found that 659 genes were up-regulated and 993 genes
down-regulated in the GSE185952 dataset. The differences in the gene expression levels in the GSE105149
(Fig. 2A, C) and GSE185952 (Fig. 2B, D) datasets are displayed as volcano and heatmap plots.
Analysis of functional enrichment

To explore molecular biological functions and pathways
in TAO, the GO enrichment and KEGG pathway analysis
were performed on DEGs between the TAO and healthy
samples in the GSE105149 and GSE185952 datasets. BP,
MF and CC were all covered in the GO analysis, and

Fig. 1 Complete procedures of our research
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the results for the GSE105149 (Fig. 3A) and GSE185952
(Fig. 3B) datasets are shown as bar plots. The GO enrichment results indicated the DEGs to be enriched in several
common molecular functions, such as biological regulation and metabolic process for BP, catalytic activity, and
transcription regulator activity for MF, and organelle
and membrane for CC in both datasets. In KEGG pathway analysis, several common pathways were found to be
enriched in both datasets, including neuroactive ligandreceptor interaction, IL-17 signaling pathway, and tumor
necrosis factor (TNF) signaling pathway (Fig. 3C, D).
Identification and analysis of the common DEGs
between the GSE105149 and GSE185952 datasets

To further identify DEGs related to the lacrimal gland
and orbital adipose/connective tissue in TAO patients,
we screened common DEGs in both GSE105149 and
GSE185952. All 52 DEGs, including 35 up-regulated
and 17 down-regulated genes, were screened, as shown
in Veen diagrams (Fig. 4A, B). The full names and functions of these 52 DEGs are provided in Table 1. GO
enrichment and KEGG pathway analysis were performed
based on the 52 DEGs, and the results indicated several immune response, neuromodulation, and cytokinerelated biological processes to be enriched; the results
shown in the bubble plot in Fig. 4C, such as neutrophil
chemotaxis, negative regulation of vesicle transport along
microtubules and cytokine receptor binding. Similarly,
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Fig. 2 Identification of the DEGs. A and B The volcano plot of all DEGs in GSE105149 and GSE185952 datasets. Red and blue nodes represent
up-regulated genes and down-regulated genes, respectively. C and D The heat maps showed the expression profiles of the DEGs in GSE105149 and
GSE185952 datasets

KEGG pathway analysis indicated striking enrichment
in the immune, neuromodulation, and cytokine-related
pathways (Fig. 4D), including long-term depression, the
vascular endothelial growth factor (VEGF) signaling
pathway, the IL-17 signaling pathway, the TNF signaling
pathway and cytokine-cytokine receptor interactions,
among the DEGs.
Construction of the PPI network and identification of hub
genes

To unravel protein interactions among the 52 DEGs and
screen the hub genes in TAO, we submitted these common DEGs to the STRING database and constructed a
PPI network using Cytoscape software (Fig. 5A, B). Then,
three key algorithms (MCC, MNC, and Degree) of the
CytoHubba application were used to screen the top 8
genes shown in bar plots (Fig. 5C). Afterwards, we intersected the results of the three algorithms and identified

six hub genes (Fig. 5D): PRKCG, OSM, DPP4, leucine
rich repeat transmembrane neuronal 1 (LRRTM1),
CXCL6, and CSF3R.
Validation of hub genes in clinical samples

To verify the protein expression levels of PRKCG,
OSM, DPP4, LRRTM1, CXCL6, and CSF3R, 70 serum
samples from 20 healthy controls (HCs) and 50 TAO
patients (patient characteristics shown in Table 2)
were collected to perform ELISA. Since no commercial ELISA kit is available to detect serum LRRTM1,
this target was not validated. The results indicated
that compared with HCs, protein expression levels of
PRKCG, OSM, CSF3R, and DPP4 were significantly upregulated in TAO patients (P = 0.003, 0.016, 0.039 and
0.001, respectively, Fig. 6). CXCL6 exhibited a tendency
towards higher levels in TAO patients, though without
reaching statistical significance. To further evaluate the
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Fig. 3 GO and KEGG enrichment analysis of the DEGs. A and B GO annotation of the DEGs in GSE105149 and GSE185952. C and D KEGG
enrichment results of the DEGs in GSE105149 and GSE185952
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Fig. 4 Identification and enrichment analysis of the common DEGs. A and B Venn diagrams showed the overlapping DEGs in the two datasets. C
and D The bubble plots showed the top 20 GO and KEGG pathway enrichment in common DEGs

Table 1 The results of KEGG enrichment analysis of common DEGs
Pathway ID

KEGG Class

Pathway

P value

Genes

ko04730

Nervous system

Long-term depression

0.01252

PLA2G4D; PRKCG

ko04370

Signal transduction

VEGF signaling pathway

0.01291

PLA2G4D; PRKCG

ko04657

Immune system

IL-17 signaling pathway

0.02908

CXCL6; IKBKB

ko04014

Signal transduction

Ras signaling pathway

0.03053

PLA2G4D; IKBKB; PRKCG

ko04750

Sensory system

Inflammatory mediator regulation of TRP channels

0.03249

PLA2G4D; PRKCG

ko05231

Cancers

Choline metabolism in cancer

0.03484

PLA2G4D; PRKCG

ko00533

Glycan biosynthesis and metabolism

Glycosaminoglycan biosynthesis—keratan sulfate

0.03808

CHST6

ko04668

Signal transduction

TNF signaling pathway

0.03911

CXCL6; IKBKB

ko04726

Nervous system

Serotonergic synapse

0.04037

PLA2G4D; PRKCG

ko04724

Nervous system

Glutamatergic synapse

0.04228

PLA2G4D; PRKCG

ko04060

Signaling molecules and interaction

Cytokine-cytokine receptor interaction

0.04915

OSM; CXCL6; CSF3R

ko04611

Immune system

Platelet activation

0.04958

PLA2G4D; GP9

ko04010

Signal transduction

MAPK signaling pathway

0.04995

PLA2G4D; IKBKB; PRKCG

effectiveness and applicability of these genes in TAO,
we performed multivariate and ROC analyses. Multivariate logistic regression analysis revealed DPP4
(P = 0.002; OR, 1.007; 95% confidence interval [CI],

1.003–1.011) and PRKCG (P = 0.017; OR, 1.008; 95%
CI, 1.001–1.014) to be significantly associated with
TAO occurrence. ROC analyses showed that PRKCG
(AUC: 0.726, 95% CI: 0.592–0.861) and DPP4 (AUC:
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0.790, 95% CI: 0.639–0.942) have good diagnostic value
for TAO. The detailed ROC curve analysis results are
depicted in Fig. 7. The combined AUC of PRKCG and
DPP4 reached 0.831 (95% CI: 0.706–0.956), with the
best specificity.
Association between the hub genes and TAO clinical
information

The association between the protein levels of CSF3R,
CXCL6, DPP4, OSM, and PRKCG and clinical characteristics of the patients were analyzed by the Spearman
correlation test (Supplementary Table 1). Our results
showed that CSF3R protein levels presented a negative
relationship with disease duration (r = -0.316, P = 0.025)
and CAS (r = -0.45, P = 0.001). The DPP4 protein level
was associated with high-density lipoprotein cholesterol (HDL-C) (r = -0.305, P = 0.031), CSF3R (r = 0.499,
P < 0.001), and OSM genes (r = 0.323, P = 0.022). In addition, OSM protein expression was positively associated
with the CSF3R gene (r = 0.526, P < 0.001). These correlations suggest that the hub genes may strongly interact
with each other, which was consistent with the protein–
protein interaction network. Furthermore, CSF3R was
significantly up-regulated in active TAO patients when
combined with clinical information (P = 0.001, Fig. 8),
and the ROC curve (Fig. 9) showed that CSF3R has high
diagnostic value in distinguishing active from inactive
TAO patients (AUC = 0.812, 95%CI: 0.663–0.962).

Discussion
TAO is a complex autoimmune disease, and its precise
molecular mechanisms have not been completely elucidated; moreover, effective treatment options for TAO
are limited [24]. Therefore, it is worth exploring novel
biomarkers and therapeutic targets to improve the prognosis of TAO patients. With the application of bioinformatics, some studies have been performed to elucidate
the pathogenesis of TAO. However, overreliance on public datasets and sequencing technology may destabilize
results. In addition, most studies to date have focused on
transcriptional regulation in a single tissue and the similarity and difference in transcription regulation among
different lesion tissues are relatively unknown. In the
present study, considering the tissue-specific effects, two
public gene expression profiles containing different lesion
tissues (lacrimal gland and orbital adipose/connective
tissue) from TAO patients (GSE105149 and GSE185952)
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were used to screen and investigate key genes and pathways to examine the biological and clinical implications
of TAO. Additionally, collected the serum samples of
50 TAO patients and 20 healthy controls to verify our
findings through the ELISA. The obtained genes and
pathways may provide novel insight into the underlying
mechanisms and may reveal a new strategy for the diagnosis and treatment of TAO.
In this study, we separately analyzed the differentially
expressed genes and pathways in the GSE105149 and
GSE185952 datasets. To investigate the potential biological association between different lesion tissues in
TAO, the results of functional enrichment analysis were
compared, and three overlapping pathways (neuroactive ligand-receptor interaction, IL-17 signaling pathway, and TNF signaling pathway) were found between
the two datasets. Therefore, it is logical to speculate that
these three overlapping pathways may play key roles in
TAO progression and development; other differential
pathways might be influenced by tissue or organ specificity. In fact, consistent with our findings, several studies
have confirmed that certain biomarkers and pathways,
including cytokines, pro-inflammatory markers, and
inflammation-related pathways, appear to be less specific
to TAO [25]. Additionally, we sought to explain why the
three overlapping pathways are not influenced by tissue
specificity. Autoimmune responses are considered to
be central in the development and progression of TAO.
The IL-17 and TNF signaling pathways are inflammatory pathways associated with TAO [26–28]. Furthermore, preliminary studies have found that blocking IL
or TNF-α pathways may constitute a systemic treatment
strategy for TAO [29, 30]. This evidence suggests that the
two inflammation-related pathways might be involved
in the occurrence and development of TAO, which may
account for the lack of influence of tissue specificity. Similarly, growing evidence shows that some neuromodulation-related pathways may be involved in TAO [31, 32].
Thus, inflammatory mechanisms and neuronal function
may play important roles in the different lesion tissues of
TAO. However, the exact mechanisms underlying these
pathways remain unclear.
In the present study, a set of 52 common DEGs from
the GSE105149 and GSE185952 datasets were identified,
including 35 up-regulated genes and 17 down-regulated
genes. To further explore the biological function of these
52 common DEGs, functional enrichment analysis was

(See figure on next page.)
Fig. 5 Construction of PPI network and identification of hub genes. A PPI network constructed by STRING to indicate the interactions among these
52 common DEGs. B PPI network of 52 common DEGs was constructed by Cytoscape. The different colors in the figure indicate the connectivity
of genes, and the deep color shows the genes with the highest connectivity in the PPI network. C Screening the top 8 genes in the PPI network of
DEGs as central genes using three algorithms including MCC, MNC, and Degree. D Venn diagram showed six common genes of three algorithms
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Fig. 5 (See legend on previous page.)
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Table 2 Baseline characteristics of the study groups
Variables

HCs

All TAO

Active TAO

Inactive TAO

Number of individuals

20

50

39

11

Age (years)

41.60 ± 12.95

45.40 ± 12.68

46.85 ± 12.76

40.27 ± 11.46

Sex (F/M)

14/6

33/17

23/16

10/1

Smoking, n (%)

-

38

46.2

9.1

Disease duration (months)

-

CAS

-

FT3 (pmol/L)

-

FT4 (pmol/L)

-

TSH (mIU/L)

-

TRAb (IU/L)

-

5.92 ± 5.10

3.36 ± 1.14

6.16 ± 3.82

18.32 ± 9.78

1.87 ± 2.49

8.99 ± 11.34

6.10 ± 4.55

3.79 ± 0.86

6.47 ± 4.25

18.86 ± 10.95

1.88 ± 2.60

9.37 ± 11.21

5.27 ± 6.96

1.82 ± 0.41

5.07 ± 1.11

16.41 ± 2.72

1.81 ± 2.14

7.63 ± 12.24

The numeric data are reported as the mean ± standard deviation

TAO thyroid-associated ophthalmopathy, F female, M male, CAS clinical activity score, FT4 free thyroxine, FT3 free triiodothyronine, TSH thyroid-stimulating hormone,
TRAb thyroid-stimulating hormone receptor antibody

Fig. 6 Validation of the relative protein expression levels by ELISA. Serum PRKCG, OSM, DPP4, CXCL6, and CSF3R expression levels in 50 TAO
patients and 20 HCs was detected by ELISA. *P < 0.05, **P < 0.01, ***P < 0.001, ns, no significance

performed; long-term depression, the VEGF signaling
pathway, the IL-17 signaling pathway, the Ras signaling
pathway and inflammatory mediator regulation of transient receptor potential (TRP) channels were the top 5

pathways. The IL-17 and TNF signaling pathways showed
enrichment, while the neuroactive ligand-receptor interaction pathway was not directly included. Other neuromodulatory signaling pathways were also enriched, such
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Fig. 7 ROC curves show the diagnostic performance of DPP4 and
PRKCG in identifying TAO patients
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as serotonergic synapse and glutamatergic synapse pathways, which was indirectly verified by our findings. Surprisingly, long-term depression containing PLA2G4D and
PRKCG genes was the top pathway, suggesting that this
pathway and these genes may have novel potential biological implications in TAO. PLA2G4D, a member of the
phospholipase A2 (PLA2) family, promotes production of
lipid mediators and regulates normal physiology and disease pathogenesis in many organ systems [33]. One previous study confirmed that another three family members,
PLA2G4A, PLA2G4B, and PLA2G4C, are strongly associated with mental illness in the Chinese population [34].
These findings add support to the results of our previous
study using diffusion tensor imaging that TAO patients
develop disruption of the structural brain network connectome, which may be associated with clinical-psychiatric dysfunction in TAO [35]. Previous studies have also
demonstrated that TAO patients are more prone towards
emotional disorders, such as anxiety and depression [36,
37]. Nevertheless, the specific relationship between TAO
and depression remains to be investigated.

Fig. 8 Comparisons of serum PRKCG, OSM, DPP4, CXCL6 and CSF3R expression levels between the active and inactive TAO patients. ***P < 0.001, ns,
no significance
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Fig. 9 ROC curves of CSF3R in differentiating active TAO from
inactive TAO patients

In the present study, six key genes (PRKCG, OSM,
CSF3R, LRRTM1, CXCL6, and DPP4) among 52 common DEGs were analyzed in the PPI network based
on interactions. PRKCG encodes protein kinase C
gamma (PKC gamma), a member of the serine/threonine kinase family, which is abundantly expressed in
neural tissue [38]. Studies have shown that PKC dysregulation is associated with major depression [39,
40]. LRRTM1, an imprinted gene that affects neuronal differentiation and connectivity, correlates with
schizophrenia/schizoaffective disorder [41]. However,
the precise roles of PRKCG and LRRTM1 in TAO are
unknown, and we suspected they may be involved in
the mechanisms of the impaired emotional regulation
and higher tendency to depression or anxiety occurring in TAO patients [3, 35]. In addition, four other
key genes, CSF3R, OSM, CXCL6, and DPP4, showed
positive associations with inflammatory processes in
TAO. For example, CSF3R is the receptor for colony
stimulating factor 3, a cytokine that controls expansion and differentiation of neutrophils. Mutations in
CSF3R have been linked to chronic neutrophilic leukemia [42]. To our knowledge, no study to date has
analyzed the effects of CSF3R in TAO. OSM is a proinflammatory cytokine that belongs to the interleukin-6
(IL-6) family. It is produced mainly by activated macrophages, neutrophils and mast cells [43]. Chen et al.
discovered that IL-6 is overexpressed in the orbital tissue of patients with TAO, promoting proliferation and
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differentiation of B cells, and activation of T helper 1
(Th1) cells, releasing a variety of cytokines [44]. However, a possible role for OSM in TAO has not been
reported. CXCL6, a member of the CXC chemokine
family, is highly expressed in patients with diabetic
nephropathy (DN) [45]. In an in vitro study, overexpression of CXCL6 significantly up-regulated expression of proinflammatory and profibrotic cytokines
[46]. Of note, Antonelli et al. reported that interferon-gamma (IFN-gamma) and TNF-alpha stimulate
release of chemokines, particularly CXCL9, CXCL10
and CXCL11, and induce recruitment of activated T
cells to maintain inflammation in TAO [47]. Whether
CXCL6 has similar roles in TAO remains unknown. In
fact, proinflammatory cytokines have been extensively
studied in recent years in relation to the pathogenesis
of TAO [48, 49], and our functional enrichment results
indicated that OSM, CXCL6 and CSF3R genes are all
closely related to the cytokine-cytokine receptor interaction pathway. It will be helpful to further clarify their
specific roles in the inflammatory process. DPP4, also
known as CD26, is a cell surface glycoprotein receptor
that plays an important role in regulating T-cell activation. Previous studies have indicated that IFN-gamma
and IL-12 can facilitate expression of CD26 on CD4
+
T cells, thereby promoting Th1-like cytokine production [50]. It is well known that in the early stage
of TAO production of pro-inflammatory cytokines by
Th1 cells can enhance fibroblast proliferation and glycosaminoglycan production. Therefore, we speculate
that DPP4 might be involved in the pathogenesis of
TAO.
In the current study, PRKCG, OSM, CSF3R,
LRRTM1, and CXCL6 were up-regulated and DPP4
was down-regulated in TAO. Considering the limitations of public datasets and bioinformatics, we verified the results using clinical samples from our center.
As no commercial ELISA kit was available for testing
serum LRRTM1, only PRKCG, OSM, CSF3R, CXCL6
and DPP4 protein levels were detected via ELISA in
50 TAO patients and 20 HCs. Overall, protein expression levels of PRKCG, OSM, and CSF3R were significantly higher in TAO patients, consistent with the
bioinformatics results. Similarly, protein expression
level of CXCL6 exhibited an up-regulated tendency in
TAO, though the difference was not significant. This
may be due to individual variation in CXCL6 expression among TAO patients. Interestingly, the mRNA
and protein expression levels of DPP4 seem to be contradictory, as DPP4 protein expression was upregulated in TAO patients, but mRNA expression was
decreased, which may be ascribed to the non-strict
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linear relationship between mRNA and protein as well
as more complex dependencies. For example, different
regulatory mechanisms (RNA modifications, RNARNA interactions, synthesis and degradation rates)
might explain the different results in DPP4 mRNA and
protein expression levels [51], and more samples are
needed to explore this possibility. According to multivariable regression, we further found that the expression levels of DPP4 and PRKCG were significantly
associated with TAO occurrence. The area under the
ROC curve illustrated that these two genes exhibit
good diagnostic value for TAO. Additionally, CSF3R
is a promising candidate for distinguishing between
active TAO patients and inactive ones. Therefore,
these hub genes may play important roles in the pathogenesis of inflammatory processes, with great potential as reliable and robust blood diagnostic biomarkers
and therapeutic targets for TAO. In summary, the novelty of this study mainly includes the following aspects:
First, to the best of our knowledge, the six genes
(PRKCG, OSM, DPP4, LRRTM1, CXCL6, and CSF3R)
identified are for the first time reported to be differentially expressed in various samples (lacrimal gland and
orbital adipose/connective tissue) of TAO patients and
defined as hub genes for TAO; Second, we first report
the interactions of these hub genes in TAO patients,
and these hub genes might be associated with disease
progression and clinical characteristics of TAO; Third,
bioinformatics analysis combined with molecular biology was used to explore potential genes and pathways
in TAO patients, and the obtained genes and pathways
provide novel insight into the underlying mechanisms
and may reveal a new strategy for diagnosis and treatment of TAO.
However, there are still some limitations and prospects in our study. First, although the latest datasets
for different lesion tissues of TAO were selected, the
sample size was small, and the results need to be confirmed in larger samples; Second, as the current work
was based on omics-research and focused on marker
screening, few functional studies of these biomarkers
were performed. Therefore, it is necessary to further
explore the exact mechanisms of TAO influenced by
these biomarkers; Third, multiple studies have confirmed the value of long noncoding RNAs (lncRNAs)
and microRNAs (miRNAs) in disease development,
prediction and treatment [52, 53], and several lncRNAand miRNA-disease associations might be identified by
novel state-of-the-art computational models [54–56].
However, our study did not cover these aspects. Elaborating on such connections will be a good direction for
future research.
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Conclusion
In summary, the genes OSM, CSF3R, CXCL6, and DPP4induced inflammatory processes may participate in the
pathogenesis of TAO. Combined with ROC analyses, the
results illustrate that the DPP4 and PRKCG gene exhibit
diagnostic value for TAO and that CSF3R can effectively
discriminate disease activity. Another intriguing finding
is that PRKCG and LRRTM might be associated with
mental disorders in TAO, providing a novel mechanistic explanation for clinical mental disorders occurring
in TAO patients. Taken together, these findings partially
unravel the mechanisms of TAO pathogenesis, which will
be beneficial for TAO diagnosis and treatment.
Abbreviations
TAO: Thyroid-associated Ophthalmopathy; GEO: Gene Expression Omnibus;
DEGs: Differential expressed genes; GO: Gene Ontology; KEGG: Kyoto Encyclopedia of Genes and Genomes; PPI: Protein-protein interaction; HCs: Healthy
controls; ELISA: Enzyme-linked immunosorbent assay; FC: Fold change; BP:
Biological processes; CC: Cellular component; MF: Molecular function; STRING:
Search Tool for the Retrieval of Interacting Genes; MCC: Maximal Clique Centrality; MNC: Maximum Neighborhood Component; PRKCG: Protein Kinase C
Gamma; OSM: Oncostatin M; DPP4: Dipeptidyl Peptidase 4; CXCL6: C-X-C Motif
Chemokine Ligand 6; CSF3R: Colony Stimulating Factor 3 Receptor; LRRTM1:
Leucine Rich Repeat Transmembrane Neuronal 1; TNF: Tumor necrosis factor;
ROC: Receiver operating characteristic; AUC: Area under the curve; VEGF:
Vascular endothelial growth factor; TRP: Transient receptor potential; PLA2:
Phospholipase A2; PKC gamma: Protein kinase C gamma; IL-6: Interleukin-6;
TH1: T helper 1.

Supplementary Information
The online version contains supplementary material available at https://doi.
org/10.1186/s12864-022-08854-5.
Additional file 1: Supplementary Table 1. Correlations between clinical
characteristics and protein expression levels of the study subjects.
Acknowledgements
Not applicable.
Authors’ contributions
Conceptualization, YW and YS; methodology, YW and HZ; validation, YS; investigation, JW; resources, HZ; data curation, PZ; writing-original draft preparation,
YW and YS; writing-review and editing, WZ and HC; supervision, HC; funding
acquisition, HC. All authors read and approved the final manuscript.
Funding
This work was supported by “Thyroid Research Program of Young and Middleaged Physicians” from China Health Promotion Foundation to Huanhuan
Chen.
Availability of data and materials
The datasets generated and/or analyzed during the current study are available
in the Gene Expression Omnibus database (http://www.ncbi.nlm.nih.gov/geo).

Declarations
Ethics approval and consent to participate
The studies involving human participants were performed in accordance
with the Declaration of Helsinki protocols and were approved by the Ethics
Committee of the First Affiliated Hospital of Nanjing Medical University

Wang et al. BMC Genomics

(2022) 23:630

(No.2019-SR-416). The patients/participants provided their written informed
consent to participate in this study.
Consent for publication
Not applicable.
Competing interest
The authors declare that have no competing interests.
Author details
1
Department of Endocrinology, The First Affiliated Hospital of Nanjing Medical
University, Nanjing, China. 2 Department of General Surgery, Ruijin Hospital,
Shanghai Jiao Tong University School of Medicine, Shanghai, China. 3 Shanghai
Minimally Invasive Surgery Center, Ruijin Hospital, Shanghai Jiao Tong University School of Medicine, Shanghai, China. 4 Department of Toxicology, The Key
Laboratory of Modern Toxicology of Ministry of Education, School of Public
Health, Nanjing Medical University, Nanjing, China. 5 Department of Ophthalmology, The Friendship Hospital of Ili Kazakh Autonomous Prefecture Ili &
Jiangsu Joint Institute of Health, Ili, China. 6 Department of Ophthalmology,
The First Affiliated Hospital of Nanjing Medical University, Nanjing, China.
Received: 6 June 2022 Accepted: 24 August 2022

References
1. Antonelli A, Fallahi P, Elia G, Ragusa F, Paparo SR, Ruffilli I, et al. Graves’
disease: Clinical manifestations, immune pathogenesis (cytokines
and chemokines) and therapy. Best Pract Res Clin Endocrinol Metab.
2020;34(1):101388. https://doi.org/10.1016/j.beem.2020.101388.
2. Ponto KA, Hommel G, Pitz S, Elflein H, Pfeiffer N, Kahaly GJ. Quality of
life in a german graves orbitopathy population. Am J Ophthalmol.
2011;152(3):483–901. https://doi.org/10.1016/j.ajo.2011.02.018.
3. Cockerham KP, Padnick-Silver L, Stuertz N, Francis-Sedlak M, Holt RJ.
Quality of Life in Patients with Chronic Thyroid Eye Disease in the United
States. Ophthalmol Ther. 2021;10(4):975–87. https://doi.org/10.1007/
s40123-021-00385-8.
4. Coulter I, Frewin S, Krassas GE, Perros P. Psychological implications of
Graves’ orbitopathy. Eur J Endocrinol. 2007;157(2):127–31. https://doi.org/
10.1530/EJE-07-0205.
5. Bartalena L, Kahaly GJ, Baldeschi L, Dayan CM, Eckstein A, Marcocci C,
et al. The 2021 European Group on Graves’ orbitopathy (EUGOGO) clinical
practice guidelines for the medical management of Graves’ orbitopathy. Eur J Endocrinol. 2021;185(4):G43–67. https://doi.org/10.1530/
EJE-21-0479.
6. Boboridis KG, Bunce C. Surgical orbital decompression for thyroid eye
disease. Cochrane Database Syst Rev. 2011;12:CD007630. https://doi.org/
10.1002/14651858.CD007630.pub2.
7. Zhou Z, Li Y, Hao H, Wang Y, Zhou Z, Wang Z, et al. Screening Hub Genes
as Prognostic Biomarkers of Hepatocellular Carcinoma by Bioinformatics
Analysis. Cell Transplant. 2019;28(1_suppl):76S-86S. https://doi.org/10.
1177/0963689719893950.
8. Li Z, Liu J, Wang W, Zhao Y, Yang D, Geng X. Investigation of hub genes
involved in diabetic nephropathy using biological informatics methods.
Ann Transl Med. 2020;8(17):1087. https://doi.org/10.21037/atm-20-5647.
9. Meng LB, Shan MJ, Qiu Y, Qi R, Yu ZM, Guo P, et al. TPM2 as a potential predictive biomarker for atherosclerosis. Aging (Albany NY).
2019;11(17):6960–82. https://doi.org/10.18632/aging.102231.
10. Zhao P, Yin H, Tao C, Chen P, Song Y, Yang W, et al. Latent pathways
identification by microarray expression profiles in thyroid-associated
ophthalmopathy patients. Endocr Pathol. 2015;26(3):200–10. https://doi.
org/10.1007/s12022-015-9373-8.
11. Chen Z, Chen Z, Wang J, Zhang M, Wang X, Cuomu D, et al. Leptin receptor is a key gene involved in the immunopathogenesis of thyroid-associated ophthalmopathy. J Cell Mol Med. 2021;25(12):5799–810. https://doi.
org/10.1111/jcmm.16605.
12. Tu W, Yao J, Mei Z, Jiang X, Shi Y. Microarray data of lacrimal gland
implicates dysregulated protein processing in endoplasmic reticulum in
graves’ ophthalmopathy. Front Endocrinol (Lausanne). 2021;11:571151.
https://doi.org/10.3389/fendo.2020.571151.

Page 14 of 15

13. Zhang L, Masetti G, Colucci G, Salvi M, Covelli D, Eckstein A, et al. Combining micro-RNA and protein sequencing to detect robust biomarkers for
Graves’ disease and orbitopathy. Sci Rep. 2018;8(1):8386. https://doi.org/
10.1038/s41598-018-26700-1.
14. Ritchie ME, Phipson B, Wu D, Hu Y, Law CW, Shi W, et al. limma powers
differential expression analyses for RNA-sequencing and microarray
studies. Nucleic Acids Res. 2015;43(7):e47. https://doi.org/10.1093/nar/
gkv007.
15. Ashburner M, Ball CA, Blake JA, Botstein D, Butler H, Cherry JM, et al. Gene
ontology: tool for the unification of biology. Gene Ontol Consortium Nat
Genet. 2000;25(1):25–9. https://doi.org/10.1038/75556.
16. Kanehisa M, Goto S. KEGG: kyoto encyclopedia of genes and genomes.
Nucleic Acids Res. 2000;28(1):27–30. https://doi.org/10.1093/nar/28.1.27.
17. da Huang W, Sherman BT, Lempicki RA. Systematic and integrative analysis of large gene lists using DAVID bioinformatics resources. Nat Protoc.
2009;4(1):44–57. https://doi.org/10.1038/nprot.2008.211.
18. da Huang W, Sherman BT, Lempicki RA. Bioinformatics enrichment
tools: paths toward the comprehensive functional analysis of large
gene lists. Nucleic Acids Res. 2009;37(1):1–13. https://doi.org/10.1093/
nar/gkn923.
19. Franceschini A, Szklarczyk D, Frankild S, Kuhn M, Simonovic M, Roth A,
et al. STRING v9.1: protein-protein interaction networks, with increased
coverage and integration. Nucleic Acids Res. 2013;41(Database
issue):D808–15. https://doi.org/10.1093/nar/gks1094.
20. Chin CH, Chen SH, Wu HH, Ho CW, Ko MT, Lin CY. cytoHubba: identifying
hub objects and sub-networks from complex interactome. BMC Syst Biol.
2014;8(Suppl 4):S11. https://doi.org/10.1186/1752-0509-8-S4-S11.
21. Bartley GB, Gorman CA. Diagnostic criteria for Graves’ ophthalmopathy.
Am J Ophthalmol. 1995;119(6):792–5. https://doi.org/10.1016/s0002-
9394(14)72787-4.
22. Mourits MP, Prummel MF, Wiersinga WM, Koornneef L. Clinical activity
score as a guide in the management of patients with Graves’ ophthalmopathy. Clin Endocrinol (Oxf ). 1997;47(1):9–14. https://doi.org/10.
1046/j.1365-2265.1997.2331047.x.
23. Engvall E, Perlmann P. Enzyme-linked immunosorbent assay, Elisa. 3.
Quantitation of specific antibodies by enzyme-labeled anti-immunoglobulin in antigen-coated tubes. J Immunol. 1972;109(1):129–35.
24. Zang S, Ponto KA, Kahaly GJ. Clinical review: Intravenous glucocorticoids
for graves’ orbitopathy: efficacy and morbidity. J Clin Endocrinol Metab.
2011;96(2):320–32. https://doi.org/10.1210/jc.2010-1962.
25. Poon SHL, Cheung JJ, Shih KC, Chan YK. A systematic review of multimodal clinical biomarkers in the management of thyroid eye disease. Rev
Endocr Metab Disord. 2022. https://doi.org/10.1007/s11154-021-09702-9.
26. Fang S, Huang Y, Wang N, Zhang S, Zhong S, Li Y, et al. Insights into
local orbital immunity: evidence for the involvement of the Th17 cell
pathway in thyroid-associated ophthalmopathy. J Clin Endocrinol Metab.
2019;104(5):1697–711. https://doi.org/10.1210/jc.2018-01626.
27. Fang S, Huang Y, Zhong S, Zhang Y, Liu X, Wang Y, et al. IL-17A promotes
RANTES expression, but not il-16, in orbital fibroblasts via CD40-CD40L
combination in thyroid-associated ophthalmopathy. Invest Ophthalmol
Vis Sci. 2016;57(14):6123–33. https://doi.org/10.1167/iovs.16-20199.
28. Kim SE, Yoon JS, Kim KH, Lee SY. Increased serum interleukin-17 in Graves’
ophthalmopathy. Graefes Arch Clin Exp Ophthalmol. 2012;250(10):1521–
6. https://doi.org/10.1007/s00417-012-2092-7.
29. Ayabe R, Rootman DB, Hwang CJ, Ben-Artzi A, Goldberg R. Adalimumab
as steroid-sparing treatment of inflammatory-stage thyroid eye disease.
Ophthalmic Plast Reconstr Surg. 2014;30(5):415–9. https://doi.org/10.
1097/IOP.0000000000000211.
30. Perez-Moreiras JV, Gomez-Reino JJ, Maneiro JR, Perez-Pampin E, Romo
Lopez A, Rodriguez Alvarez FM, et al. Efficacy of tocilizumab in patients
with moderate-to-severe corticosteroid-resistant graves orbitopathy: a
randomized clinical trial. Am J Ophthalmol. 2018;195:181–90. https://doi.
org/10.1016/j.ajo.2018.07.038.
31. Jiang L, Rong A, Wei R, Diao J, Ding H, Wang W. Tear proteomics of orbital
decompression for disfiguring exophthalmos in inactive thyroid-associated ophthalmopathy. Exp Ther Med. 2020;20(6):253. https://doi.org/10.
3892/etm.2020.9383.
32. Wu LQ, Mou P, Chen ZY, Cheng JW, Le QH, Cai JP, et al. Altered corneal
nerves in Chinese thyroid-associated ophthalmopathy patients observed
by in vivo confocal microscopy. Med Sci Monit. 2019;25:1024–31. https://
doi.org/10.12659/MSM.912310.

Wang et al. BMC Genomics

(2022) 23:630

33. Leslie CC. Cytosolic phospholipase A(2): physiological function and role
in disease. J Lipid Res. 2015;56(8):1386–402. https://doi.org/10.1194/jlr.
R057588.
34. Tao R, Yu Y, Zhang X, Guo Y, Shi J, Zhang X, et al. Cytosolic PLA2 genes
possibly contribute to the etiology of schizophrenia. Am J Med Genet
B Neuropsychiatr Genet. 2005;137B(1):56–8. https://doi.org/10.1002/
ajmg.b.30210.
35. Wu Q, Hu H, Chen W, Chen HH, Chen L, Zhou J, et al. Disrupted topological organization of the brain structural network in patients with thyroidassociated ophthalmopathy. Invest Ophthalmol Vis Sci. 2021;62(4):5.
https://doi.org/10.1167/iovs.62.4.5.
36. Farid M, Roch-Levecq AC, Levi L, Brody BL, Granet DB, Kikkawa DO.
Psychological disturbance in graves ophthalmopathy. Arch Ophthalmol.
2005;123(4):491–6. https://doi.org/10.1001/archopht.123.4.491.
37. Bunevicius R, Velickiene D, Prange AJ Jr. Mood and anxiety disorders in
women with treated hyperthyroidism and ophthalmopathy caused by
Graves’ disease. Gen Hosp Psychiatry. 2005;27(2):133–9. https://doi.org/
10.1016/j.genhosppsych.2004.10.002.
38. Kose A, Saito N, Ito H, Kikkawa U, Nishizuka Y, Tanaka C. Electron
microscopic localization of type I protein kinase C in rat Purkinje cells. J
Neurosci. 1988;8(11):4262–8.
39. Abrial E, Etievant A, Betry C, Scarna H, Lucas G, Haddjeri N, et al. Protein
kinase C regulates mood-related behaviors and adult hippocampal
cell proliferation in rats. Prog Neuropsychopharmacol Biol Psychiatry.
2013;43:40–8. https://doi.org/10.1016/j.pnpbp.2012.11.015.
40. Pandey GN, Dwivedi Y, Kumari R, Janicak PG. Protein kinase C in platelets
of depressed patients. Biol Psychiatry. 1998;44(9):909–11. https://doi.org/
10.1016/s0006-3223(97)00535-0.
41. Karimi B, Silwal P, Booth S, Padmanabhan N, Dhume SH, Zhang D, et al.
Schizophrenia-associated LRRTM1 regulates cognitive behavior through
controlling synaptic function in the mediodorsal thalamus. Mol Psychiatry. 2021;26(11):6912–25. https://doi.org/10.1038/s41380-021-01146-6.
42. Price A, Druhan LJ, Lance A, Clark G, Vestal CG, Zhang Q, et al. T618I
CSF3R mutations in chronic neutrophilic leukemia induce oncogenic
signals through aberrant trafficking and constitutive phosphorylation
of the o-glycosylated receptor form. Biochem Biophys Res Commun.
2020;523(1):208–13. https://doi.org/10.1016/j.bbrc.2019.12.030.
43. Grenier A, Dehoux M, Boutten A, Arce-Vicioso M, Durand G, GougerotPocidalo MA, et al. Oncostatin M production and regulation by human
polymorphonuclear neutrophils. Blood. 1999;93(4):1413–21.
44. Chen B, Tsui S, Smith TJ. IL-1 beta induces IL-6 expression in human
orbital fibroblasts: identification of an anatomic-site specific phenotypic
attribute relevant to thyroid-associated ophthalmopathy. J Immunol.
2005;175(2):1310–9. https://doi.org/10.4049/jimmunol.175.2.1310.
45. Wang SZ, Zhang YL, Shi HB. Potential Repressive Impact of microRNA-20a
on renal tubular damage in diabetic kidney disease by targeting C-X-C
motif chemokine ligand 6. Arch Med Res. 2021;52(1):58–68. https://doi.
org/10.1016/j.arcmed.2020.08.005.
46. Sun MY, Wang SJ, Li XQ, Shen YL, Lu JR, Tian XH, et al. CXCL6 Promotes
Renal Interstitial Fibrosis in Diabetic Nephropathy by Activating JAK/
STAT3 Signaling Pathway. Front Pharmacol. 2019;10:224. https://doi.org/
10.3389/fphar.2019.00224.
47. Antonelli A, Ferrari SM, Fallahi P, Frascerra S, Santini E, Franceschini SS,
et al. Monokine induced by interferon gamma (IFNgamma) (CXCL9) and
IFNgamma inducible T-cell alpha-chemoattractant (CXCL11) involvement in Graves’ disease and ophthalmopathy: modulation by peroxisome
proliferator-activated receptor-gamma agonists. J Clin Endocrinol Metab.
2009;94(5):1803–9. https://doi.org/10.1210/jc.2008-2450.
48. Lacheta D, Miskiewicz P, Gluszko A, Nowicka G, Struga M, Kantor I, et al.
Immunological aspects of graves’ ophthalmopathy. Biomed Res Int.
2019;2019:7453260. https://doi.org/10.1155/2019/7453260.
49. Fallahi P, Ferrari SM, Elia G, Ragusa F, Paparo SR, Patrizio A, et al. Cytokines
as targets of novel therapies for graves’ ophthalmopathy. Front Endocrinol (Lausanne). 2021;12:654473. https://doi.org/10.3389/fendo.2021.
654473.
50. Willheim M, Ebner C, Baier K, Kern W, Schrattbauer K, Thien R, et al. Cell
surface characterization of T lymphocytes and allergen-specific T cell
clones: correlation of CD26 expression with T(H1) subsets. J Allergy Clin
Immunol. 1997;100(3):348–55. https://doi.org/10.1016/s0091-6749(97)
70248-3.

Page 15 of 15

51. Buccitelli C, Selbach M. mRNAs, proteins and the emerging principles of
gene expression control. Nat Rev Genet. 2020;21(10):630–44. https://doi.
org/10.1038/s41576-020-0258-4.
52. Chen X, Zhu CC, Yin J. Ensemble of decision tree reveals potential miRNAdisease associations. PLoS Comput Biol. 2019;15(7):e1007209. https://doi.
org/10.1371/journal.pcbi.1007209.
53. Wu QW, Xia JF, Ni JC, Zheng CH. GAERF: predicting lncRNA-disease
associations by graph auto-encoder and random forest. Brief Bioinform.
2021;22(5):bba391. https://doi.org/10.1093/bib/bbaa391.
54. Chen X, Sun LG, Zhao Y. NCMCMDA: miRNA-disease association prediction through neighborhood constraint matrix completion. Brief Bioinform. 2021;22(1):485–96. https://doi.org/10.1093/bib/bbz159.
55. Chen X, Li TH, Zhao Y, Wang CC, Zhu CC. Deep-belief network for
predicting potential miRNA-disease associations. Brief Bioinform.
2021;22(3):bbaa186. https://doi.org/10.1093/bib/bbaa186.
56. Sheng N, Cui H, Zhang T, Xuan P. Attentional multi-level representation
encoding based on convolutional and variance autoencoders for lncRNAdisease association prediction. Brief Bioinform. 2021;22(3):bbaa067.
https://doi.org/10.1093/bib/bbaa067.

Publisher’s Note

Springer Nature remains neutral with regard to jurisdictional claims in published maps and institutional affiliations.

Ready to submit your research ? Choose BMC and benefit from:

• fast, convenient online submission
• thorough peer review by experienced researchers in your field
• rapid publication on acceptance
• support for research data, including large and complex data types
• gold Open Access which fosters wider collaboration and increased citations
• maximum visibility for your research: over 100M website views per year
At BMC, research is always in progress.
Learn more biomedcentral.com/submissions

