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Abstract

Background: It is known that mRNA folding can affect and regulate various gene expression steps both in living
organisms and in viruses. Previous studies have recognized functional RNA structures in the genome of the
Dengue virus. However, these studies usually focused either on the viral untranslated regions or on very specific
and limited regions at the beginning of the coding sequences, in a limited number of strains, and without
considering evolutionary selection.

Results: Here we performed the first large scale comprehensive genomics analysis of selection for local mRNA
folding strength in the Dengue virus coding sequences, based on a total of 1,670 genomes and 4 serotypes. Our
analysis identified clusters of positions along the coding regions that may undergo a conserved evolutionary
selection for strong or weak local folding maintained across different viral variants. Specifically, 53-66 clusters for
strong folding and 49-73 clusters for weak folding (depending on serotype) aggregated of positions with a
significant conservation of folding energy signals (related to partially overlapping local genomic regions) were
recognized. In addition, up to 7% of these positions were found to be conserved in more than 90% of the viral
genomes. Although some of the identified positions undergo frequent synonymous / non-synonymous
substitutions, the selection for folding strength therein is preserved, and thus cannot be trivially explained based
on sequence conservation alone.

Conclusions: The fact that many of the positions with significant folding related signals are conserved among
different Dengue variants suggests that a better understanding of the mRNA structures in the corresponding
regions may promote the development of prospective anti- Dengue vaccination strategies. The comparative
genomics approach described here can be employed in the future for detecting functional regions in other
pathogens with very high mutations rates.

Background
The dengue virus (DENV) is classified to the Flavivirus
genus of the Flaviviridae family, which also consists of
additional human pathogenic viruses such as Yellow
Fever (YFV), West Nile (WNV), Japanese Encephalitis
(JEV) and Tick Borne Encephalitis (TBEV), which cause
potentially lethal diseases [1].

DENV transmission, primarily caused by infected Aedes
aegypti and Aedes albopictus mosquitoes, has been vigor-
ously emerging in a growing number of countries over the
last decades. The infection caused by DENV is widely
recognized as a major public health concern, being ende-
mic in over 100 countries, with 50-100 million infections
worldwide a year, leading to half a million hospitalizations
with about 2.5 - 5% mortality rate [2,3]. Despite the overall
increase in Dengue incidence, which turns the virus into a
significant burden for the health systems of the affected
countries, currently no specific antiviral treatments exist.
Similarly, there are no approved DENV vaccines, although
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extensive research has been conducted in this area over
the past few decades, resulting in several candidates in var-
ious stages of development [4].
Four different Dengue serotypes widely appear in nature.

These serotypes are closely related and cause very similar
diseases in humans, although it was suggested that in
terms of sequence similarity they are no more similar than
some different species of flaviviruses [5-8]. Within each
serotype the genetic diversity is significantly more
restricted, but still sufficient to produce distinct viral geno-
types [9].
The DENV genome is a positive polarity single stranded

RNA of approximately 11 kb. It contains a type I cap
structure, located at its 5´-end, and lacks the polyadenyla-
tion at its 3´-end. The genome is composed of 3 distinct
functional parts: the unique coding region, and two flank-
ing untranslated regions (UTRs). The UTRs contain
important structural and functional elements required for
viral translation and replication. During the viral life-cycle,
the coding region is translated into a single precursor
polyprotein, which is eventually processed co- and post-
translationally by cellular and viral proteases, to produce
11 mature proteins [1].
Three Dengue structural proteins, C (capsid), M (mem-

brane), E (envelope), serve as the main parts of the virion
architecture and determine many of its morphological and
functional properties; other seven nonstructural proteins,
NS1, NS2A, NS2B, NS3, NS4A, NS4B and NS5, are
involved as enzymes and/or other regulatory factors in dif-
ferent stages of the viral life cycle [1,10,11]
DENV and other viruses undergo a rapid evolutionary

selection to evade the host immune system, and to effi-
ciently compete with endogenous transcripts of the host
cell over the gene expression machinery. Mechanisms that
facilitate an efficient and selective viral replication are
inherent in the nucleotide composition of the viral geno-
mic sequence itself, and can involve the recruitment and/
or modification of specific host factors. Non-synonymous
mutations which alter the amino acid sequence provide a
distinct evolutionary advantage due to selective pressure,
allowing viruses to escape from innate defense mechan-
isms and acquired immune surveillance of the host, and to
rapidly adapt to new cell types, tissues, or species. Yet,
genomes (and even coding sequences), both viral and of
other organisms, not only code for protein products but
also carry additional information encrypted in the compo-
sition of alternating codons [12-19]. Being related to dif-
ferent biophysical and evolutionary characteristics, this
information can be induced by synonymous mutations
which preserve the underlying protein and may play an
important regulatory role in different viral replication
stages.
One specific feature of the genetic material (RNA or

DNA) which is encoded in synonymous (and non-

synonymous) aspects of its nucleotide composition is its
structure/conformation which is formed by the molecule
folding upon itself as a result of hydrogen bonds (and
other biochemical connections) acting between pairs of
nucleotides. The number and strength of these bonds
determine the minimum free folding energy (MFE),
which is related to the folding strength of a structure:
more negative MFE indicates possibly stronger and
more stable folding, while less negative MFE corre-
sponds to weaker and less structured conformations.
Extensive work has been directed to study mRNA struc-
tural elements in the 5’ and 3’ UTRs of DENV genomes
revealing their critical role for regulation of translation
and replication in host cells [10,11]. Yet, less attention
so far has been paid to investigating the folding within
the coding regions: previous works involving DENV
[20-24], as well as other viruses [25-32] and organisms
[13,33-36] have revealed some evidences for important
functional secondary structures therein; however, they
usually focused either on the viral untranslated regions
or on very specific and limited regions at the beginning
of the coding sequences, in a limited number of strains,
and without considering evolutionary selection.
These and other studies suggest that besides the infor-

mation determining the amino acid sequence, DENV
coding regions may also encode additional important
signals associated with the folding strength of structural
elements, which can be involved in different steps of the
viral life cycle.
In the current study we present, for the first time, a

comprehensive, large scale, comparative genomics analysis
of DENV coding regions, based on hundreds of different
viral genomes from each of the four serotypes, aiming to
identify significant signals encoded by synonymous infor-
mation which are related to mRNA folding. These signals
may indicate the presence of local evolutionary conserved
cis-regulatory elements possibly performing important
functions in different regulatory processes via their effect
on various stages of gene expression, such as translation,
RNA editing, RNA replication, and transcript degradation,
and play a crucial role in viral efficiency and fitness.

Results
The different general stages of the study appear in Figure 1
(see Methods for more details):
1,670 coding regions of different genomes from four

DENV serotypes were downloaded and aligned (Figure 1A
I - II).
For each coding region we generated reference sets of

1000 randomized variants that maintain some of the fun-
damental properties of the original sequences (Figure 1A
III) as follows:
To assess accurately the statistical significance of the

predicted folding energies we employed a reference
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Figure 1 A. Flow diagram of the study. Our study includes the following general steps (details are in the main text): I. Coding regions of 1,670
Dengue genomes from 4 different serotypes were collected. II. The coding regions were aligned. III. Each of the wild type sequences was randomized
1000 times based on two different randomization models (evolutionary, and dinucleotide constrained). IV. Local minimum free folding energy (MFE)
profiles were predicted for each wild type and randomized sequences separately. V. Profiles of sequence variability along the aligned coding regions
were computed. VI. Wild type and randomized MFE profiles were compared to identify positions suspected to have a strong/weak local folding signal
(p-value < 0.05). VII. Positions with MFE signals significantly conserved across different viral variants were identified. B. Evolutionary-constrained
randomization model - synonymous codons in each column in the multiple alignment were permuted; if more than one amino acid was present
(different colors) the permutations were restricted to the corresponding sets of synonymous codons. C. Prediction of MFE in 39 nt windows (red
arrow) along the coding sequence (brown); green arrow - 44 nt sequence interval corresponding to signal conservation and sequence variability
analyses (the size of the interval was determined by the MFE prediction window size + allowed shift in signal position in conservation analysis). D.
One-Versus-Rest (OVR) model - in each randomized variant, randomized MFE signals were identified by a position-wise comparison to the rest of
the randomized variants from the same wild-type origin. E. Signals conservation - suspected MFE related signals (yellow) were defined as conserved
if they appear in a significantly high (p-value < 0.001 with respect to randomized conservation levels based on OVR randomized signals) number of
different sequences within a 5nt vicinity to each other (red). Two different clusters, each one consisting of two positions with a conserved MFE related
signal are illustrated (distinguished by vertical dot lines); by definition, positions belong to the same cluster if they correspond to 44 nt length
partially - overlapping genomic windows.
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model that promises that the reported results cannot be
explained by the amino acid composition of the encoded
proteins and/or the evolutionary, phylogenetically depen-
dent pressure on synonymous codons along the coding
regions (evolutionary-constrained model). To this aim, we
designed randomized variants (a Null model) that pre-
served both the amino acids order of the wild type
sequences and the column-wise frequencies of synon-
ymous codons at each position along their alignment (see
more details in Figure 1B and in the Methods section).
In addition, to make sure that the obtained folding sig-

nals were not mainly a consequence of disrupted stacking
base-pairs we compared our results with a randomization
model designed to maintain both the encoded protein and
the distribution of frequencies of pairs of adjacent nucleo-
tides (dinucleotides-constrained model).
Local minimum free folding energy profiles (MFE-pro-

files) were computed for each wild-type and randomized
sequence (Figure 1A IV, 1C).
To identify positions along the coding regions that were

possibly selected during the course of viral evolution for
significantly strong/weak folding (more/less negative
MFE), we investigated the position-wise statistical differ-
ences between the MFE-profiles corresponding to the wild
type sequences and MFE-profiles of their randomized var-
iants (Figure 1A VI). For each sequence we considered the
“suspected” positions for which the MFE values were
found to be lower/higher than in 5% of the corresponding
randomized variants (i.e. positions with empiric MFE asso-
ciated p-value < 0.05) and analyzed their tendency to
maintain the folding related signals across different viral
strains (Figure 1A VII, C, E); in addition the role of
sequence variability in this phenomenon was investigated
(Figure 1A V).
To assess the expected number of suspected positions in

randomized variants we designed the following procedure,
named One-Versus-Rest (OVR) model: in each rando-
mized MFE-profile, the suspected folding related signals
were identified by a position-wise comparison to the rest
of the randomized MFE-profiles from the same wild-type
origin (Figure 1D). Conceptually, the average number of
randomized suspected positions (MFE associated p-value
< 0.05) obtained in this procedure evaluates the expected
number of false positive signals and therefore can serve for
an empirical false discovery rate estimation.
In addition, the suspected positions identified in ran-

domized variants (randomized suspected positions) were
used to obtain a null model for MFE signal conservation
analysis.
Here we showed that all 4 DENV serotypes are likely to

undergo an evolutionary selection on synonymous posi-
tions related to the local folding strength in numerous
regions along their coding regions. We demonstrated
that in these positions, MFE related signals tend to be

conserved across different viral variants. By comparing
with evolutionary and dinucleotide constrained back-
ground models we testified that the discovered signals are
statistically significant and are not likely to be attributed to
factors such as mutation bias of amino acid composition
in the investigated sequences. We also showed a very low/
not significant correlation between the levels of MFE
related signal conservation and corresponding sequence
variability values, demonstrating that conserved selection
for local folding strength across different genotypes cannot
be trivially explained by lowly-variable patterns in the
synonymous codons and/or nucleotides preferences.
In the following sections we present a detailed analysis

of our findings. A comprehensive description of the
methods employed in the study can be found in the
Methods section.
Evidence that the DENV coding regions contain

hundreds of positions that are likely to be selected
for conserved strong or weak local folding structures.
Folding energy was estimated in all genomic windows of
length 39 nt (motivated by an approximated average
ribosomal footprint [37] and in the order of magnitude
of various intracellular complexes [38] and functional
mRNA structures [10,39] ) within the coding region of
each viral genome, and the resulting values were used to
construct local MFE-profiles: each position in a profile
contained an MFE value computed in a window starting
at this position.
MFE-profile of each wild-type sequence was compared

in a position-wise manner to the MFE-profiles of the cor-
responding evolutionary-constrained randomized variants
(randomized MFE profiles); positions with p-value < 0.05
were defined as “suspected” to have significantly more/less
negative MFE in comparison to random (i.e. carrying a
“suspected” folding related signal).
At the second step, aiming at distinguishing signals that

are due to mutation bias from signals that undergo an
evolutionary selection, we went further to identify posi-
tions along the coding region which tend to maintain
MFE related signals in different viral variants. Such posi-
tions may belong to the same orthologous functional
elements (i.e. elements conserved in various genomes
with respect to their function but not necessarily con-
served with respect to their sequence) and could have
important implications for viral fitness.
To quantify the tendency of a particular position in

the coding region to maintain a conserved signal, we
computed the percentage of different sequences for
which at least one suspected folding related signal was
identified within a 5 nucleotides neighborhood of this
position (Figure 1C, E). For convenience we termed this
measure Folding Signal Conservation Index (FSCI). The
FSCI values range between 0 (none of the sequences
have any local MFE signal around the position) and
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1 (100% of the sequences have a MFE signal within the
allowed neighborhood).
To assess the statistical significance of MFE signal con-

servation, we compared the wild-type FSCI values to a
reference model based on 1000 randomized alignments
in which selection conservation was computed with
respect to the randomized suspected signals detected via
the OVR procedure. As a result, we identified positions
with a statistically significant MFE signal conservation
(FSCI associated p-value < 0.001; Benjamini-Hochberg
false discovery rate 0.001); those of them with conserva-
tion levels higher than 0.20, 0.19, 0.21, 0.42 (thresholds
which are equal to the maximal FSCI values achieved in
random in serotypes 1 - 4 correspondingly for both fold-
ing signal directions) were defined as positions that are
likely to undergo a conserved evolutionary selection for
strong / weak folding (shortly, MFE-selected positions).
Profiles of FSCI values along the coding regions are

shown in Figure 2A. Positions with a significantly con-
served strong folding signal were found to constitute 53,
65, 62, 66 different clusters in serotypes 1 - 4 corre-
spondingly; likewise, weak local folding signal was iden-
tified as conserved in positions grouped in 49, 73, 58, 65
clusters. Each cluster was comprised of positions with
significantly conserved MFE related signals predicted in
intersecting 44 nt genomic windows (39 nt folding win-
dow size + 5 nt allowed shift in signal position in con-
servation analysis); these positions could be possibly
attributed to the same or partially-overlapping folding
elements. Analysis of enrichment of specific DENV
genes with clusters of positions with a significant
conservation of folding energy signals and distribution
of these clusters over different genes can be found in
Additional file 1.
The resulting conservation levels were found to be

spread over a wide range of values; specifically 20%-90%
of MFE-selected positions (depending on serotype and
the direction of the folding signal) possessed FSCI values
greater than 0.5 (meaning that the MFE related signals
in these positions were maintained in more than 50% of
the sequences); in 2%-7% of MFE-selected positions the
conservation levels where higher than 0.9 (meaning a
conservation of the MFE signal therein in more than
90% sequences; Figure 2B).
The total amounts of MFE-selected positions in all

serotypes were found to be significantly higher (p-value
< 0.001; on average 40-100 folds, depending on serotype
and the direction of the folding signal) than those
obtained in the randomized variants (Figure 3A). More-
over, as was stated above, the maximal FSCI value
achieved in random is 0.2-0.42 while in wild-type 35%-
100% of MFE-selected positions possessed higher con-
servation levels (depending on serotype and the direc-
tion of the folding signal).

Finally, to estimate the robustness of our results with
respect to the folding window size we calculated the MFE-
selected positions basing on sliding windows twice as large
as initially (78 nt instead of 39 nt). As a result, we found
that as many as 80%, 77%, 90%, 92% of significantly con-
served signals related to strong folding and 80%, 82%, 85%,
80% of significantly conserved signals related to weak fold-
ing (basing on 39 nt folding window size) overlapped with
conserved signals identified with respect to 78 nt folding
window size (Figure 3B), and this overlap was found to be
on average 2.5 - 3 folds higher than in random which was
based on conservation levels (with respect to 78 nt folding
window) in 100 randomized alignments (p-value < 0.01;
see also Methods section).
Conserved selection for strong / weak folding

related signals cannot be explained basing only on
dinucleotide composition. Arguably, the dinucleotide
content is important when assessing the predicted free
energy of RNA secondary structures [40-42]. In particu-
lar, it was suggested that disruption of naturally occur-
ring biases in dinucleotide frequencies in genomic
sequences of different organisms have been common
sources of erroneous conclusions in previous studies
[42,43]. To make sure that the presence of excess local
secondary structure in coding regions of mRNA is not
merely an artifact resulting from the failure to control
for dinucleotide composition we verified the robustness
of our findings by analyzing a dinucleotide-constrained
randomization model controlling for the distribution of
dinucleotide frequencies (see Methods section).
We found that as many as 60%, 52%, 49%, 34% of

positions with significantly conserved signals related to
strong folding and 62%, 58%, 43%, 44% of positions pos-
sessing weak folding signal conservation (identified with
respect to evolutionary-constrained model for serotypes
1 - 4 correspondingly) overlapped with MFE conserved
signals identified with respect to dinucleotide-preserving
randomization model (Figure 4A), and this overlap was
not likely to appear in random (p-value < 0.001 basing
on conservation levels in 1000 randomized alignments;
specifically, no overlap was observed in the case of the
randomized genomes).
This result is further supporting the conjecture that

dinucleotides alone cannot explain the majority of
obtained MFE signals identified with respect to the evo-
lutionary-constrained model, and thus at least some of
them undergo a conserved evolutionary selection for
strong/weak folding and are not just artifacts of disrupt-
ing natural occurring biases in pairs of adjacent
nucleotides.
The regions with significantly conserved strong /

weak folding signals cannot be explained based only
on sequence conservation. Although the nature of the
evolutionary-constrained model excludes the possibility
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Figure 2 A. Profiles of MFE related signal conservation along the coding regions of 4 DENV serotypes for strong (red) and weak
(green) folding. Positions with FSCI higher than a maximal value achieved in random (which is denoted by the shadowed area and is very
similar for strong and weak folding) are not expected to be obtained by chance (p-value < 0.001 with respect to FSCI values based on
randomized signals; Benjamini-Hochberg FDR = 0.001) and are defined as positions which may undergo a conserved selection for strong / weak
local folding energy (shortly, MFE-selected). B. Distribution of FSCI values in MFE-selected positions for strong / weak folding in 4
serotypes. The maximal FSCI values achieved in random are explicitly annotated (rand FSCI) and marked by black vertical bars. Total number of
MFE-selected positions in wild-type is 40-100 folds higher than in random.
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Figure 3 A. Selection matrices for strong / weak folding for wild-type and one corresponding randomized variant in 4 DENV serotypes. Each
row in the matrix corresponds to one sequence; columns are positions along the coding region. If sequence i has a suspected MFE related signal
(p-value < 0.05) in position j, the entry (i,j) has a value equal to the corresponding FSCI; otherwise it is equal to zero. White horizontal lines separate
between sequences belonging to different serotypes (serotypes are ordered from top to bottom, i.e. sequences 1-652 belong to serotype 1; 653-1268
to serotype 2; 1269-1625 to serotype 3 and 1626-1670 to serotype 4). The randomized matrices are comprised of a single randomized variant for each
sequence. We can clearly distinguish positions with conserved MFE related signals with different conservation levels in the wild-type, contrasting with a
white noise resembling appearance in the randomized variants. B. Robustness of folding signal conservation to folding window size. MFE related
signal conservation basing on 39nt folding windows is shown in positions that overlap with MFE conserved signals basing on 78 nt windows along the
coding regions of 4 DENV serotypes for strong (red) and weak (green) folding. As many as 80%, 77%, 90%, 92% of conserved signals related to strong
folding (red) and 80%, 82%, 85%, 80% conserved signals related to week folding (green) (for serotypes 1 - 4 correspondingly) overlapped with MFE
conserved signals identified with respect to a two times larger folding window (78 nt); this overlap was found to be on average 2.5 - 3 folds higher than
in random which was based on conservation levels (with respect to 78 nt folding window) in 100 randomized alignments (p-value < 0.01).
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Figure 4 A. Conserved selection for strong / weak folding related signals cannot be explained basing only on dinucleotide
composition. MFE related signal conservation with respect to evolutionary-constrained randomization model is shown in positions that overlap
with MFE conserved signals with respect to dinucleotide-constrained randomization model along the coding regions of 4 DENV serotypes for
strong (red) and weak (green) folding. As many as 60%, 52%, 49%, 34% of positions with conserved signals related to strong folding (red) and
62%, 58%, 43%, 44% of positions possessing weak folding signal conservation (green) (for serotypes 1 - 4 correspondingly) overlapped with MFE
conserved signals identified with respect to dinucleotide-constrained randomization model, and this overlap was not likely to appear in random
(p-value < 0.001; no overlap was observed in 1000 randomized variants). B. The regions with significantly conserved strong / weak folding
signal cannot be explained based only on sequence conservation. A low / insignificant Spearman correlation between conservation levels
of MFE related signals (x-axis) and the nucleotide / synonymous variability (y-axis) in the corresponding genomic intervals is demonstrated. The
least square linear approximation of the data points is plotted in blue.
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of significant MFE signal conservation in regions with a
low sequence variability across different viral variants (in
such case the randomization will not have enough
degrees of freedom to produce a sufficient variety of
variants for a reliable statistical analysis) we decided to
additionally explore the plausibility that conservation of
folding signals may be a ‘side effect’ of a conserved
nucleotides composition or a preference for specific
synonymous codons (due to reasons not directly related
to folding).
To this aim we quantified the variability among different

sequences along the coding region, once with respect to a
preference for synonymous codons and once with respect
to nucleotides content, by considering an entropy based
measure in each position in the coding region (see
Methods); this measure returns a value which ranges
between 0 (no variability; i.e. a preference for a certain
nucleotide / synonymous codon ) and 1 (maximal variabil-
ity; i.e. a uniform usage of all nucleotides / synonymous
codons).
To assess the relationship between the conservation

levels of MFE related signals and sequence variability
therein, we calculated Spearman correlations between:
1) the signal conservation profiles and 2) the nucleotide
/ synonymous variability profiles constructed by locally
averaging the corresponding variability values in all 44nt
genomic intervals (the size of the intervals was chosen
to match the 39 nt local windows in which the MFE
was predicted + the allowed 5nt position shift in signal
conservation analysis; see the Methods section and
Figure 1C); we also calculated, in a similar manner, the
correlations between 1) the signal conservation profiles
and 2) the variability profiles which were normalized
with respect to their randomized variants (based on
1000 randomized alignments) to obtain z-score values
(see Methods).
We found that the correlation between the MFE signal

conservation, and nucleotide and synonymous variability /
z-score normalized variability is too low to conclude that
regions with lower variability tend to have higher tendency
for MFE signal conservation. Specifically the correlation
values were found to be confined in a narrow [-0.1 0.1]
interval around zero for different types of variability pro-
files (Figure 4B); i.e. less than 10% of the variance in signal
conservation variable can be explained by the variability
values.
These results support the conjecture that the conserva-

tion of MFE related signals is not necessarily and only
due to a preference of specific synonymous codons or
conserved nucleotide content, and cannot be solely
explained by the low sequence variability, thus supporting
the evidence for a direct, conserved selection on positions
for strong / weak folding.

Discussion
In this study, we analyzed the coding sequences of 1,670
genomes in four different DENV serotypes in order to
identify regions that are selected for strong or weak
mRNA folding, and thus are possibly involved in the regu-
lation of different stages of the viral replication cycle.
We suggested that positions along the coding region

with a significant conservation of folding associated signals
are grouped in 49 - 73 clusters related to partially overlap-
ping local genomic regions that may tend to undergo an
evolutionary selection for a strong or weak folding. In
addition, in certain cases up to 7% of these positions were
found to be conserved in more than 90% of the sequences.
We showed that positions with significantly conserved

strong/weak folding signals are not likely to appear in ran-
dom, thus suggesting that they were possibly selected in
the course of viral evolution to fulfill certain biological
functions. We also demonstrated that the identified fold-
ing signals overlap significantly with signals obtained by
doubling the sliding window supporting the conjecture
that the results presented in this study are robust to the
size of local genomic regions in which the minimum free
folding energy is predicted.
The statistical significance of the selection for strong/

weak folding was tested with respect to an evolutionary
constrained null model that maintains the mutational bias
and protein content of the viruses; in addition the possibi-
lity that the obtained signals were mostly due to disruption
of naturally occurring biases in pairs of adjacent nucleo-
tides was rejected by a comparison to the dinucleotide-
constrained randomizations. Both randomization models
were designed to preserve the essential organizational
principles of genomic sequences including certain non-
random features and naturally occurring biases. It should
be noticed that these ‘non-random’ properties of the ran-
domization models does not contradict the fact that the
corresponding randomized sequences may have strong/
weak folding in some arbitrary regions; however, these
false positive signals are expected to be filtered out in sig-
nal conservation analysis described above.
Finally, we found no significant correlation between the

levels of sequences variability and the levels of conserva-
tion of MFE signals, supporting the conjecture that posi-
tions with a conserved selection for strong/weak folding
may be related directly to biophysical attributes of gene
expression regulation and/or viral replication via folding.
This result also means that the reported conserved MFE
related signals are not necessarily a consequence of other
(non-direct) constraints imposed on specific sequence pat-
terns, and/or formation of particular secondary structures.
Nevertheless, we would like to emphasize that the analyses
performed in this study neither cannot eliminate all alter-
native explanations for the emergence of the reported
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folding signals other than a direct evolutionary selection
nor they are enough for a full understanding of the possi-
ble functional/evolutional properties of the folding
strength along the viral mRNA. To this goal additional
biological validations are required.
It is important to note that in our analysis we didn’t

require the preservation of the structure architecture itself,
but analyzed a preference for folding strength while per-
mitting unconstrained variability in the underlying second-
ary structure (e.g. [44] ). This approach was motivated by
the fact that often the level of MFE embodied in the ele-
ment, rather than the specific structure itself, plays a sig-
nificant role in the viral life cycle. This assumption is
based on previous studies that have demonstrated that the
local folding along the mRNA affects various aspects of
gene expression; specifically, it was suggested that in cer-
tain contexts and positions along the transcript, both
strong and weak mRNA folding can have positive effect
on gene expression and organismal fitness [12,45,46].
Research on the conservation of specific RNA structures is
deferred to future studies.
Rather than performing a global analysis of the entire

mRNA (or very long mRNA sub-sequences), we predicted
the folding energies in local windows along the genome.
This approach was motivated by several considerations.
To date, it is believed that the structured RNA elements
identified as being involved in different regulatory pro-
cesses are often discrete, and usually involve short-range
Watson-Crick base-pairing which span no more than
100nt [47,48]. Such local structures are more likely to be
formed in vivo in actively translating mRNAs. Further-
more, in a cell, most RNA molecules, and in particular
messenger RNAs, interact with a wide variety of proteins,
further limiting the predictability of long-range effects
[47]. Moreover, there are specific cases of long range
RNA-RNA interactions in Dengue [49]; however, usually
the interactions between the RNA, and the replication and
translation machinery are expected to prevent ‘long range’
RNA folding (due to its unfolding by proteins and factors
related to these steps), but still enable generating local
mRNA structures.
From the computational perspective, current folding

prediction algorithms provide meaningful predictions
from small-medium scale sequences, while long sequences
suffer from a degrading accuracy [50]. Thus, in our opi-
nion, the local folding framework, advocated both by com-
putational and biophysical reasoning, enables a more
accurate modeling of the dynamic, location dependent
nature, of in vivo structure formations, while minimizing
unfavorable computational inaccuracies and biases.
In contrast to previous works (e.g. [51,52]) which pro-

vided evidence for existence of RNA structures throughout
(usually more than 150 nt long) genomic fragments, our
local approach also enables a high resolution identification

of positions selected for strong/weak folding energy.
Moreover, our comprehensive statistical analysis based on
a carefully chosen randomization model discussed above,
enables to target evolutionary selected regions where the
selected positions are significantly conserved across differ-
ent viral strains.
As we have already noticed before, previous studies have

discovered several structural elements at the 5’ end of the
capsid gene (at the beginning of the coding region) and
proposed that they take part in replication and translation
regulation [20-24]. It is important to emphasize that since
the underlying sequences are relatively conserved these
regions were not detected by the proposed evolutionary-
constrained randomization since in this case permutation
of lowly-variable columns doesn’t produce enough varia-
bility in randomized variants. Nevertheless, this fact
doesn’t derogate from the ability to identify many addi-
tional/novel folding elements with a variable underlying
sequence suggested to be under selection related directly
to their possibly functional mRNA folding.

Conclusions
In this work, we presented a large scale comparative
genomic analysis based on hundreds of viral variants in
each one four different DENV serotypes. We suggested
that positions along the coding region with a significant
conservation of folding associated signals are grouped in
49 - 73 clusters related to partially overlapping local
genomic regions that may tend to undergo an evolution-
ary selection for a strong or weak folding. We showed
that the reported signals of conserved MFE selection
cannot be explained basing on amino-acid, dinucleotide,
or mutational bias only and are not necessarily a conse-
quence of other (non-direct) constraints imposed on
specific sequence patterns, and/or formation of particu-
lar secondary structures. We believe that further mole-
cular biology studies guided by the computationally
predicted positions may promote discoveries of novel
regulatory mechanisms of the DENV and other viruses;
some of them may help developing new vaccination
strategies.

Methods
Data preparation. 1,670 complete coding sequences of
4 DENVserotypes (651, 615, 356, 45 strains in serotypes
1 - 4 respectively) were downloaded.
We first translated the nucleotide coding regions and

then aligned the resulting amino acid sequences by Clustal
Omega package [53] with default parameters. To obtain
the multiple alignment of corresponding nucleotide
sequences we mapped the aligned amino acids back to the
nucleotide sequences basing on the original nucleotide
composition of each genome. Multiple alignment conser-
vation scores can be found in Additional file 1.
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A list of accession numbers corresponding to the ana-
lyzed genomes can be found in Additional file 2.
Genome randomization models. To investigate selec-

tion for folding strength, wild-type minimum free folding
energy (MFE) values were compared with corresponding
sequence-randomized controls which preserve certain
nonrandom features of the naturally occurring sequences.
To exclude the possibility that the obtained signals were
simply due to amino acid selection pressure (i.e., selection
on the protein sequence), as opposed to selection for the
folding strength, we restricted our randomized variants to
maintain the amino acids order and content (and thus the
encoded protein), by sampling from the set of synonymous
codons for each amino acid position. To model evolution-
ary constraints (not necessary related to folding) imposed
on synonymous variability in different genomic positions
(e.g. mutational bias) we maintained the distribution of
synonymous codons (and thus nucleotides) for each col-
umn in the interserotype multiple alignment matrix
(matrix containing aligned sequences of 4 serotypes). This
was achieved by random permutations of synonymous
codons for each column in the alignment matrix; in the
case of multiple amino acids in a column, each amino acid
was permuted separately (Figure 1B). This randomization
method samples (with repetitions) uniformly and indepen-
dently multiple alignment columns from the set of corre-
sponding synonymous codons, thus generating for each
amino acid the same ‘vertical’ codon frequencies as in the
original alignment matrix (but in a different order).
To model the composition of nucleotide pairs which are

argued to have an important effect on formation of sec-
ondary structures, a model that preserves both the amino
acids order and content, and the frequencies distribution
of 16 possible pairs of adjacent nucleotides (dinucleotides)
for each sequence separately was used. Although efficient
methods exist for preserving the amino acids (e.g. permu-
tation of synonymous codons) or the dinucleotides
content (e.g. random generation of an Euler path in a
De Bruijn-like graph, whose edges represent the dinucleo-
tides [54]) separately, it has been difficult to combine
them for satisfying both of the constraints. To overcome
these difficulties, we used an elegant algorithm proposed
in [55] which is based on a multivariate Boltzmann sam-
pling scheme, initially introduced in the context of enu-
merative combinatorics. This algorithm produces random
variants which feature both correct dinucleotide frequen-
cies and coding capacity while being generated with prova-
bly uniform probability. We used the original source code
which can be found in http://csb.cs.mcgill.ca/sparcs.
For each one of 1,670 wild-type sequences, we computed

1,000 randomizations basing on each one of the randomi-
zation models, resulting in more than 3 million variants.
Local minimum free folding energy profiles. Mini-

mum free folding energy (MFE) is a thermodynamic

energy involved in maintaining a secondary structure
available to perform physical work while being
released, and thus is characterized by non-positive
values. mRNA secondary structure is believed to be in
the most stable conformation when minimum amount
of free energy is exerted (the MFE obtains the most
negative value).
The local minimum free folding energy profiles (MFE-

profiles) were constructed by applying a 39 nt length
sliding window to a genomic sequence (Figure 1C): in
each step the MFE of a local subsequence enclosed by
the corresponding window was calculated by Vienna (v.
2.1.9) package RNAfold function with default para-
meters [56]. This function predicts the minimum free
folding energy and the associated secondary structure
for the input RNA sequence using a dynamic program-
ming based on the thermodynamic nearest-neighbor
approach (the Zucker algorithm) [57-59].
Minimum free folding energy significance test. In

order to assess the statistical significance of the folding
strength in a particular position in a sequence, we com-
pared the MFE values in this position with the MFE
values in the corresponding position in each one of the
randomized variants by calculating an empiric p-value -
a proportion of the randomized values as extreme as in
the wild type. Positions with MFE related p-value < 0.05
were defined as having a “suspected” MFE related signal;
due to a high false discovery rate (Benjamini - Hochberg
approach) of MFE signals in individual sequences we
went further and compared the positions of suspected
signals across different genomes
Conservation of local folding signals. Due to genetic

variability on the one hand, and possible inaccuracies in
sequencing and multiple alignment on the other, positions
selected for a significant strong (weak) folding in different
genomes may be shifted one with respect to the other. To
account for these possible displacements when quantifying
the conservation of MFE related signals across different
sequences, we defined a Folding Signal Conservation
Index (FSCI) at a particular position as a percentage of
different aligned sequences which have at least one signal
inside a 5 nt length genomic neighborhood of this position
(Figure 1C, E). FSCI takes a range of values between 0 and
1: the higher the value - the more different sequences have
MFE related signals inside the corresponding neighbor-
hood (higher signal conservation), the lower - the less
sequences have MFE related signals in common (lower
signal conservation). A vector of FSCI values in all
positions along the coding regions ( Folding Signal
Conservation Profile) was calculated by applying a 5 nt
sliding window to the matrix of aligned MFE- profiles (for
each serotype and folding signal direction separately), and
calculating at each step the corresponding signal conserva-
tion index.

Goz and Tuller BMC Genomics 2015, 16(Suppl 10):S4
http://www.biomedcentral.com/1471-2164/16/S10/S4

Page 11 of 14

http://csb.cs.mcgill.ca/sparcs


Positions with significantly high MFE related signal
conservation were identified by comparing the wild type
FSCI values in each position to the FSCI values from the
corresponding positions in 1000 randomized signal con-
servation profiles (generated basing on suspected signals
identified in 1000 randomized alignments via the OVR
model). Those positions with significantly conserved fold-
ing signals (p-value < 0.001 with respect to randomized
selection conservation values, Benjamini-Hochberg false
discovery rate = 0.001) which had conservation levels
higher than achieved in all corresponding randomized
variants were defined as positions that undergo a con-
served evolutionary selection for strong/weak folding
(MFE-selected positions).
The resulting positions are not independent: parts of

them belong to intersecting genomic regions and could be
possibly attributed to the same or partially-overlapping
folding elements. Therefore we defined clusters of MFE-
selected positions; each cluster consists of all positions
with significant signal conservation such that the distance
between two consecutive positions in a cluster is no more
than 44 nt . According to this definition positions within a
particular cluster correspond to partially - overlapping
genomic windows (39nt folding window + 5nt offset used
in signal conservation analysis); in contrast positions
belonging to different clusters are thought as independent
with respect to the performed local MFE analysis.
We emphasize that conservation of MFE related signals

was analyzed for each serotype, and folding signal direc-
tion separately; specifically, in each case we accounted for
positions selected for only one folding direction, either
strong or weak. Moreover, the analysis of signal conserva-
tion was performed with respect to the evolutionary-
constrained model only, since (in contrast to the dinucleo-
tide-preservation or any other model based on a single
sequence) it takes into consideration the co-evolution of
viral variants and their phylogenetic dependencies.
Robustness of folding signal conservation to folding

window size. To estimate the robustness of the MFE-
selected positions with respect to the folding window size
we repeated the analysis described above with folding win-
dows twice as large as initially (78 nt instead of 39 nt). We
then defined a robustness measure as the percentage of
the 44 nt genomic regions corresponding to MFE-selected
positions (based on 39 nt folding windows + 5nt offset
used in signal conservation analysis) which have more
than 50% overlap with at least one 83 nt genomic region
corresponding to an MFE-selected position (based on
78 nt folding windows + 5nt offset conservation analysis
offset).
One-versus-rest (OVR) model. In order to estimate the

expected number of suspected MFE related signals
(p-value < 0.05) in random and in order to generate a null
model for estimating the statistical significance of MFE

signal conservation in different positions, we simulated
MFE suspected signals in randomized variants according
to the following procedure named One-Versus-Rest
(OVR) model: for each one of the N randomized variants
corresponding to a specific wild-type sequence, we identi-
fied iteratively its MFE-related suspected signals with
respect to the rest of the N-1 random variants (Figure 1D).
We then used the obtained sets of the randomized MFE
signals to construct the randomized signal conservation
profiles: each randomized profile was generated by picking
(without repetition) a single one-versus-rest randomized
set of selected positions for each wild type sequence
(resulting in a randomized alignment variant) and then
applying the methodology for computing signal conserva-
tion levels as described above.
Normalized entropy as a measure for sequence

variability. We defined the nucleotide / synonymous
variability at a position i in the nucleotides / protein
multiple alignment as
Shannon entropy of a distribution on nucleotides /

synonymous codons corresponding to the consensus
amino acid, normalized by the maximal possible entropy
value possible in the given position (this measure was
also, independently, introduced, in [60]):

Vi = −

n∑

j=1
pjlog2(pj)

log2n

here n is the number of distinct elements in the corre-
sponding alphabet,; and pj are their relative frequencies (in
the case of nucleotide variability, n = 4, i.e. the number of
different possible nucleotides; for synonymous variability n
is the number of different synonymous codons corre-
sponding to the consensus amino acid in this position).
This variability measure takes values between 0 and 1,

and describes how dispersed the distribution of the alpha-
bet elements is: higher values correspond to more uniform
nucleotide / codon usage; lower values correspond to
more biased nucleotide / codon usage, indicating that
some nucleotides / synonymous codons are preferred.
The variability measure was computed for each sero-

type separately. The synonymous variability index was
computed based on the consensus amino acid (the most
frequent amino acid) in each position in the multiple
alignment. In order to neutralize biases due to poor
high number of indels and low consensus values( high
amino acid variability), we filtered out positions with
consensus levels of less than 90%, and number of gaps
of more than 10% (resulting in ~ 4%, 6%, 3%, 3% filtered
positions in serotypes 1 - 4 respectively). In addition,
positions corresponding to singleton amino acids
Methionine and Tryptophan (with a natural absence of
variability) were excluded.
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The variability profiles were constructed by applying a
44 nt sliding window along the alignment and averaging at
each step the nucleotide / synonymous variability values at
positions within the corresponding window. The window
size was defined in a way that each such window matches
the 39 nt genomic region in which the folding for the cor-
responding positions was predicted + a 5nt allowed shift
used in MFE signals conservation analysis (Figure 1C).
The z-score normalized synonymous variability was con-

structed by computing in each position a z-score with
respect to 1000 variants based on randomized multiple
alignments (each randomized alignment was constructed
by taking a single, amino acids order preserving, random
variant of each wild-type genome):

Vz−score =
V − μ

σ

(μ / Ϭ - mean / s.t.d of randomized variability values
at a particular position).
Software. Multiple alignments were performed with

Clustal Omega package (v.1.2.0). Folding energies were
predicted with RNAfold function from Vienna package
(v.2.1.9) adapted by us to work with sliding windows.
Other computations were performed using Matlab®

software (MathWorks Inc.). For high performance com-
puting, a Linux based cluster system was employed.
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following additional analyses: Multiple alignment conservation scores;
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GenBank accession numbers for sequences analyzed in this study

List of abbreviations
DENV - Dengue Virus; MFE - Minimum Free Folding Energy; FSCI - Folding
Signal Conservation Index; OVR - One versus Rest; FDR - False Discovery
Rate.

Competing interests
The authors declare that they have no competing interests.

Authors’ contributions
EG and TT analyzed the data and wrote the paper

Acknowledgements
We thank Mr. Alon Diament, Dr. Hadas Zur, Dr. Ella Sklan and Dr. Richard
Neher for their helpful comments.

Declarations
EG is supported in part by a fellowship from the Edmond J. Safra Center for
Bioinformatics at Tel-Aviv University. TT is partially supported by the Minerva
ARCHES award.
The publication costs were funded by Tel Aviv University resources.
This article has been published as part of BMC Genomics Volume 16
Supplement 10, 2015: Proceedings of the 13th Annual Research in

Computational Molecular Biology (RECOMB) Satellite Workshop on
Comparative Genomics: Genomics. The full contents of the supplement are
available online at http://www.biomedcentral.com/bmcgenomics/
supplements/16/S10.

Authors’ details
1Department of Biomedical Engineering, Tel-Aviv University, Ramat Aviv
69978, Israel. 2Sagol School of Neuroscience, Tel-Aviv University, Ramat Aviv
69978, Israel. 3SynVaccine Ltd. Ramat Hachayal, Tel Aviv 6971039, Israel.

Published: 2 October 2015

References
1. Gubler DJ, Kuno G, Markoff L: Flaviviruses. In Fields Virology, Chapter 34.. 5

edition. Lippincott, Williams & Wilkins;Knipe DM, Howley PM, Griffin D,
Lamb, Martin, Roizman B, Straus SE 2007:1153-1252.

2. WHO: Dengue and severe dengue..
3. Guzman MG, Halstead SB, Artsob H, Buchy P, Farrar J, Gubler DJ,

Hunsperger E, Kroeger A, Margolis HS, Martinez E, Nathan MB, Pelegrino JL,
Simmons C, Yoksan S, Peeling RW: Dengue: a continuing global threat .

4. Wan S-W, Lin C-F, Wang S, Chen Y-H, Yeh T-M, Liu H-S, Anderson R, Lin Y-S:
Current progress in dengue vaccines. Journal of biomedical science 2013,
20:37.

5. Dengue (Tropical Medicine Science and Practice): Scott B. Halstead:
9781848162280. [http://Amazon.com], Books.

6. Kuno G, Chang GJ, Tsuchiya KR, Karabatsos N, Cropp CB: Phylogeny of the
genus Flavivirus. Journal of virology 1998, 72:73-83.

7. Holmes EC, Burch SS: The causes and consequences of genetic variation
in dengue virus. Trends in Microbiology 2000, 8:74-77.

8. Zanotto PM, Gould EA, Gao GF, Harvey PH, Holmes EC: Population
dynamics of flaviviruses revealed by molecular phylogenies. Proceedings
of the National Academy of Sciences of the United States of America 1996,
93:548-53.

9. Rico-Hesse R: Molecular evolution and distribution of dengue viruses
type 1 and 2 in nature. Virology 1990, 174:479-93.

10. Alcaraz-Estrada SL, Yocupicio-Monroy M, del Angel RM: Insights into
dengue virus genome replication. Future Virology 2010, 5:575-592.

11. Paranjape SM, Harris E: Control of dengue virus translation and
replication. Current topics in microbiology and immunology 2010, 338:15-34.

12. Tuller T, Waldman YY, Kupiec M, Ruppin E: Translation efficiency is
determined by both codon bias and folding energy. Proceedings of the
National Academy of Sciences of the United States of America 2010,
107:3645-50.

13. Zur H, Tuller T: Strong association between mRNA folding strength and
protein abundance in S. cerevisiae. EMBO reports 2012, 13:272-7.

14. Lavner Y, Kotlar D: Codon bias as a factor in regulating expression via
translation rate in the human genome. Gene 2005, 345:127-38.

15. Li G-W, Oh E, Weissman JS: The anti-Shine-Dalgarno sequence drives
translational pausing and codon choice in bacteria. Nature 2012,
484:538-41.

16. Parmley JL, Huynen MA: Clustering of codons with rare cognate tRNAs in
human genes suggests an extra level of expression regulation. PLoS
genetics 2009, 5:e1000548.

17. Plotkin JB, Kudla G: Synonymous but not the same: the causes and
consequences of codon bias. Nature reviews Genetics 2011, 12:32-42.

18. Waldman YY, Tuller T, Shlomi T, Sharan R, Ruppin E: Translation efficiency
in humans: tissue specificity, global optimization and differences
between developmental stages. Nucleic acids research 2010, 38:2964-74.

19. Mortimer SA, Kidwell MA, Doudna JA: Insights into RNA structure and
function from genome-wide studies. Nature reviews Genetics 2014,
15:469-79.

20. Clyde K, Harris E: RNA secondary structure in the coding region of
dengue virus type 2 directs translation start codon selection and is
required for viral replication. Journal of virology 2006, 80:2170-82.

21. Clyde K, Barrera J, Harris E: The capsid-coding region hairpin element
(cHP) is a critical determinant of dengue virus and West Nile virus RNA
synthesis. Virology 2008, 379:314-23.

22. Groat-Carmona AM, Orozco S, Friebe P, Payne A, Kramer L, Harris E: A novel
coding-region RNA element modulates infectious dengue virus particle
production in both mammalian and mosquito cells and regulates viral
replication in Aedes aegypti mosquitoes. Virology 2012, 432:511-526.

Goz and Tuller BMC Genomics 2015, 16(Suppl 10):S4
http://www.biomedcentral.com/1471-2164/16/S10/S4

Page 13 of 14

http://www.biomedcentral.com/content/supplementary/1471-2164-16-S10-S4-S1.pdf
http://www.biomedcentral.com/content/supplementary/1471-2164-16-S10-S4-S2.csv
http://www.biomedcentral.com/bmcgenomics/supplements/16/S10
http://www.biomedcentral.com/bmcgenomics/supplements/16/S10
http://www.ncbi.nlm.nih.gov/pubmed/23758699?dopt=Abstract
http://Amazon.com
http://www.ncbi.nlm.nih.gov/pubmed/9420202?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/9420202?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/10664600?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/10664600?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/8570593?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/8570593?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/2129562?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/2129562?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19802575?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19802575?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/20133581?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/20133581?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22249164?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22249164?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15716084?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15716084?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22456704?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22456704?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19578405?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19578405?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/21102527?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/21102527?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/20097653?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/20097653?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/20097653?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/24821474?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/24821474?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/16474125?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/16474125?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/16474125?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18676000?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18676000?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18676000?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22840606?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22840606?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22840606?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22840606?dopt=Abstract


23. Clyde K, Kyle JL, Harris E: Recent advances in deciphering viral and host
determinants of dengue virus replication and pathogenesis. Journal of
virology 2006, 80:11418-31.

24. Liu Z-Y, Li X-F, Jiang T, Deng Y-Q, Zhao H, Wang H-J, Ye Q, Zhu S-Y, Qiu Y,
Zhou X, Qin E-D, Qin C-F: Novel cis-acting element within the capsid-
coding region enhances flavivirus viral-RNA replication by regulating
genome cyclization. Journal of virology 2013, 87:6804-18.

25. Goodfellow I, Chaudhry Y, Richardson A, Meredith J, Almond JW, Barclay W,
Evans DJ: Identification of a cis-acting replication element within the
poliovirus coding region. Journal of virology 2000, 74:4590-600.

26. You S, Stump DD, Branch AD, Rice CM: A cis-Acting Replication Element
in the Sequence Encoding the NS5B RNA-Dependent RNA Polymerase Is
Required for Hepatitis C Virus RNA Replication. Journal of Virology 2004,
78:1352-1366.

27. Wang Q, Barr I, Guo F, Lee C: Evidence of a novel RNA secondary
structure in the coding region of HIV-1 pol gene. RNA (New York, NY)
2008, 14:2478-88.

28. Abbink TEM, Berkhout B: A novel long distance base-pairing interaction
in human immunodeficiency virus type 1 RNA occludes the Gag start
codon. The Journal of biological chemistry 2003, 278:11601-11.

29. Berkhout B: Structural features in TAR RNA of human and simian
immunodeficiency viruses: a phylogenetic analysis. Nucleic acids research
1992, 20:27-31.

30. Malim MH, Hauber J, Le SY, Maizel J V, Cullen BR: The HIV-1 rev trans-
activator acts through a structured target sequence to activate nuclear
export of unspliced viral mRNA. Nature 1989, 338:254-7.

31. Paillart J-C, Skripkin E, Ehresmann B, Ehresmann C, Marquet R: In vitro
evidence for a long range pseudoknot in the 5’-untranslated and matrix
coding regions of HIV-1 genomic RNA. The Journal of biological chemistry
2002, 277:5995-6004.

32. Parkin NT, Chamorro M, Varmus HE: Human immunodeficiency virus type
1 gag-pol frameshifting is dependent on downstream mRNA secondary
structure: demonstration by expression in vivo. Journal of virology 1992,
66:5147-51.

33. Kudla G, Murray AW, Tollervey D, Plotkin JB: Coding-sequence
determinants of gene expression in Escherichia coli. Science (New York,
NY) 2009, 324:255-8.

34. Gu W, Zhou T, Wilke CO: A universal trend of reduced mRNA stability
near the translation-initiation site in prokaryotes and eukaryotes. PLoS
computational biology 2010, 6:e1000664.

35. Tuller T, Waldman YY, Kupiec M, Ruppin E: Translation efficiency is
determined by both codon bias and folding energy. Proceedings of the
National Academy of Sciences of the United States of America 2010,
107:3645-50.

36. Tuller T, Veksler-Lublinsky I, Gazit N, Kupiec M, Ruppin E, Ziv-Ukelson M:
Composite effects of gene determinants on the translation speed and
density of ribosomes. Genome biology 2011, 12:R110.

37. Jackson RJ: Alternative mechanisms of initiating translation of
mammalian mRNAs. Biochemical Society transactions 2005, 33(Pt
6):1231-41.

38. Selby CP, Drapkin R, Reinberg D, Sancar A: RNA polymerase II stalled at a
thymine dimer: footprint and effect on excision repair. Nucleic acids
research 1997, 25:787-93.

39. Tuller T, Zur H: Multiple roles of the coding sequence 5’ end in gene
expression regulation. Nucleic Acids Research 2014, 43:13-28.

40. Zuker M, Stiegler P: Optimal computer folding of large RNA sequences
using thermodynamics and auxiliary information. Nucleic acids research
1981, 9:133-48.

41. Nussinov R: Strong doublet preferences in nucleotide sequences and
DNA geometry. Journal of molecular evolution 1984, 20:111-9.

42. Workman C, Krogh A: No evidence that mRNAs have lower folding free
energies than random sequences with the same dinucleotide
distribution. Nucleic acids research 1999, 27:4816-22.

43. Rivas E, Eddy SR: Secondary structure alone is generally not statistically
significant for the detection of noncoding RNAs. Bioinformatics (Oxford,
England) 2000, 16:583-605.

44. Thurner C, Witwer C, Hofacker IL, Stadler PF: Conserved RNA secondary
structures in Flaviviridae genomes. The Journal of general virology 2004,
85(Pt 5):1113-24.

45. Zur H, Tuller T: Strong association between mRNA folding strength and
protein abundance in S. cerevisiae. EMBO reports 2012, 13:272-7.

46. Zhou T, Wilke CO: Reduced stability of mRNA secondary structure near
the translation-initiation site in dsDNA viruses. BMC evolutionary biology
2011, 11:59.

47. Sabarinathan R, Tafer H, Seemann SE, Hofacker IL, Stadler PF, Gorodkin J:
RNAsnp: efficient detection of local RNA secondary structure changes
induced by SNPs. Human mutation 2013, 34:546-56.

48. Lange SJ, Maticzka D, Möhl M, Gagnon JN, Brown CM, Backofen R: Global
or local? Predicting secondary structure and accessibility in mRNAs.
Nucleic acids research 2012, 40:5215-26.

49. Alvarez DE, Lodeiro MF, Ludueña SJ, Pietrasanta LI, Gamarnik A V: Long-
range RNA-RNA interactions circularize the dengue virus genome.
Journal of virology 2005, 79:6631-43.

50. Churkin A, Barash D: RNAmute: RNA secondary structure mutation
analysis tool. BMC bioinformatics 2006, 7:221.

51. Simmonds P, Karakasiliotis I, Bailey D, Chaudhry Y, Evans DJ, Goodfellow IG:
Bioinformatic and functional analysis of RNA secondary structure
elements among different genera of human and animal caliciviruses.
Nucleic acids research 2008, 36:2530-46.

52. Simmonds P, Tuplin A, Evans DJ: Detection of genome-scale ordered RNA
structure (GORS) in genomes of positive-stranded RNA viruses:
Implications for virus evolution and host persistence. RNA (New York, NY)
2004, 10:1337-51.

53. Sievers F, Wilm A, Dineen D, Gibson TJ, Karplus K, Li W, Lopez R,
McWilliam H, Remmert M, Söding J, Thompson JD, Higgins DG: Fast,
scalable generation of high-quality protein multiple sequence
alignments using Clustal Omega. Molecular systems biology 2011, 7:539.

54. Altschul S, Erickson B: Significance of nucleotide sequence alignments: a
method for random sequence permutation that preserves dinucleotide
and codon usage. Mol Biol Evol 1985, 2:526-538.

55. Zhang Y, Ponty Y, Blanchette M, Lécuyer E, Waldispühl J: SPARCS: a web
server to analyze (un)structured regions in coding RNA sequences.
Nucleic acids research 2013, 41(Web Server):W480-5.

56. Lorenz R, Bernhart SH, Höner Zu Siederdissen C, Tafer H, Flamm C,
Stadler PF, Hofacker IL: ViennaRNA Package 2.0. Algorithms for molecular
biology : AMB 2011, 6:26.

57. Mathews DH: Revolutions in RNA secondary structure prediction. Journal
of molecular biology 2006, 359:526-32.

58. Mathews DH, Sabina J, Zuker M, Turner DH: Expanded sequence
dependence of thermodynamic parameters improves prediction of RNA
secondary structure. Journal of molecular biology 1999, 288:911-40.

59. Wuchty S, Fontana W, Hofacker IL, Schuster P: Complete suboptimal
folding of RNA and the stability of secondary structures. Biopolymers
1999, 49:145-65.

60. Zanini F, Neher RA: Quantifying selection against synonymous mutations
in HIV-1 env evolution. Journal of virology 2013, 87:11843-50.

doi:10.1186/1471-2164-16-S10-S4
Cite this article as: Goz and Tuller: Widespread signatures of local
mRNA folding structure selection in four Dengue virus serotypes. BMC
Genomics 2015 16(Suppl 10):S4.

Submit your next manuscript to BioMed Central
and take full advantage of: 

• Convenient online submission

• Thorough peer review

• No space constraints or color figure charges

• Immediate publication on acceptance

• Inclusion in PubMed, CAS, Scopus and Google Scholar

• Research which is freely available for redistribution

Submit your manuscript at 
www.biomedcentral.com/submit

Goz and Tuller BMC Genomics 2015, 16(Suppl 10):S4
http://www.biomedcentral.com/1471-2164/16/S10/S4

Page 14 of 14

http://www.ncbi.nlm.nih.gov/pubmed/16928749?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/16928749?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/23576500?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/23576500?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/23576500?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/10775595?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/10775595?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/14722290?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/14722290?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/14722290?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18974280?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18974280?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/12458192?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/12458192?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/12458192?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/1738599?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/1738599?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/2784194?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/2784194?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/2784194?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/11744696?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/11744696?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/11744696?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/1321294?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/1321294?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/1321294?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19359587?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19359587?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/20140241?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/20140241?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/20133581?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/20133581?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22050731?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22050731?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/16246087?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/16246087?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/9016630?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/9016630?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/25505165?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/25505165?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/6163133?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/6163133?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/6433029?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/6433029?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/10572183?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/10572183?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/10572183?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/11038329?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/11038329?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15105528?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15105528?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22249164?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22249164?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/21385374?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/21385374?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/23315997?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/23315997?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22373926?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22373926?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15890901?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15890901?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/16638137?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/16638137?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18319285?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18319285?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/1370621?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/1370621?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/1370621?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/21988835?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/21988835?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/21988835?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/3870875?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/3870875?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/3870875?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/23748952?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/23748952?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22115189?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/16500677?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/10329189?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/10329189?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/10329189?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/10070264?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/10070264?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/23986591?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/23986591?dopt=Abstract

	Abstract
	Background
	Results
	Conclusions

	Background
	Results
	Discussion
	Conclusions
	Methods
	List of abbreviations
	Competing interests
	Authors’ contributions
	Acknowledgements
	Declarations
	Authors’ details
	References

